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I. INTRODUCTION

Since the passage of the Wagner-Peyser Act in 1933, policy makers have sought to improve the
operaion of the labor market by providing information about job openings to workersard by referring
aporopriate workers to emgdoyers This Depression Era policy began with the aim of referring the
unemgdoyed to goverrmert creaktd jobs, but expanded under the Scacial Secuity Act of 1935 to include
job openings listed by private emdoyers(Kulik, 1994). For most of its life the Employmert Senice (ES)
hasoperatd asa federal-state partnersip, giving states wide discreion on how to structure their services

within broad Feceral guidelinesand assured funding from a Federal payroll tax.

Although it has other functions, the ESOsprimary mission, which accounts for the bulk of its
experditures is to provide informaion that facilitates the job searchof its users most of whom are
unemgdoyed (USDOL, 2002). Pdicy makers expectsuch information will berefit job seelersand society
by reducing time spent unemployed, by reducing reliance on unemgdoyment insurance and other social
trarsfer programs, and by raising workerDearrings by helping them find better quality jobs. The ES has
ewvolved to encompass three strategesto assist workersOjob searctes (1) job matching through public
labor exchanges(PL X), (2) referring workersto vocaional classroom training (CT), and (3) providing job
searchassistance (JSA). Thefirst strategy directy matchesworkers to job openings. State ES agerciesact
as public labor exchanges and match attributes of job seelers to those sought by emgdoyers Good
matchesarereferred to those employers When employerswho list their job vacarcieswith the ES hire a
refered ES cliert, that worker is placed The secand strategy for improving individualsOemdoymert
prospecs is to referjob seelers to training opportunities The role of the ES stands to increa with the
creaton of Ome-stop certersOaspart of amerdmerts to the Job Training Parhership Act (JTPA) and the
Workforce Invegment Act (WIA). The objective of the training referral strategy is to increag the
likelihood that workers will find jobs by improving their skills. Finally, the third ES strategy provides
workers with job search assistance and career counseling. The objective here is to improve the

productivity of individualsQob searchso thatthey are more likely to find ajob on their own.

The purpose of this paper is to survey the evidence on the impact of ES services egecially the
PLX. While all ES serviceson all clierts are of interes, much of the amalysesfocus on the role of job
matching for Ul claimants. This focus is natural becawse superior data has been availabe for Ul
claimarts, making aralysis of this group eecially tractabe. As part of this review, we discuss the

methodological issues that arise with evaluations of the services provided by the ES and other



emgdoymert and training programs These senvicesinclude job searchassistance, training, and monitoring

of unempdoyed workersdjob search

The challenges that arise when evaluating the PLX are comparalle to those that arise when
evaluating job training programslike those administeredby the US Department of Labor (DOL) under
Manpower Developmert and Training Act (MDTA), the Comprehensive Employmert and Training Act
(CETA), JTPA and most recertly WIA. Starting in the 1980s, these challenges led the DOL to reduce
their reliance on non-experimertal evaluations of their emdoymert and training programsto rely more on
social experimerts (Stromsdorfer et al., 1985). Thes experimerts have not only led to more credble
evaluations of the DepartmertOs programs but to additional methodological advarces for non-
experimental evaluations (Heckman, LalLonde, and Smith, 1999). Resarch on the National JTPA Study
was discussed in a recen amouncenent for the Nobel Prize in Economics by the Bark of Sweden
(RSAS, 2000). An important quedion when assessing the impads of the PLX ard other ES servicesis
whether evaluations of thes servicesareary less likely to be affected by the problemsthat led the DOL

to rely more on experimerts.

Thisreview also examinesthe impact of other servicesprovided by the ES. Because there are so
few credble ES evaluations this review also examinesevaluations of "ES-type" services Thisliteratreis
much larger ard is dividedinto threeparts. First thereis the literature on studiesof Ul claimarts receving
ES-type services including a job referral or placemert. Secand thereis the literaure on emgoymernt ard
training programssubsidized under the WIA and its predecesors. And finally thereis the literature on
evaluations of work-welfare programs The Ul studiestend to examine job searchassistance (JSA) for Ul
claimarts, monitoring of Ul claimartsQjob searches and indirecly PLX services As part of this survey,
we also include the studies of the Unemdoyment Insurance Bonus Experimerts (UIBE). Although the
treamert in these studiesdoes not constitute a convertional ES service, it is instructive to compare the

impacis from these evaluations with studiesof other ES-type services

The emdoyment and training literaure examines servicesthat are not typical of ES services
though the ES doesrefer some clierts to these servicesand subsequertly refers some participarts of other
programsto jobs. Although the mativation behind employmert and training programs is differert from
ES services we discuss below the possibility thatindividuals may participate in thes programs based on
a job searchmative rather than a dedre to augmert their humancapital. When individuals do participate
in these programsin order to increa® their skills, we discuss why we expect that the impacts of training

on worker earrings to be larger and longer |aging thanthe impact of ES services



Finally, though welfarerecipierns areusually requiredto regster with the ES, they are atypical of
the type of persns served by the ES. So while these individuals often receive JSA, it is hard to know
what we should infer from these studiesabout JSA for the broader population of ES clierts. Nonetheless,
by examining these studies simultanecusly, this review provides some broader bass for determining the
likely range of impact for PLX services In particular, it will provide an altermative bass for comparing
impacts from recen studies of PLX serviceswith the broader literature on programsdesgned to get the

non-emgdoyedback to work and to getthem better jobs.

Taken together the empgrical evidence shows that many emgdoymert programs, including the
PLX, have a modeg impact on individualsOearrings and duration of unemgoymert, atleag in the short
term. Programs that provide training, asopposed to those dedgned to get peaple back to work, appearto
have larger and longer laging impact. But these lamger impacts for training are associated with higher
costs per person served. Same surveys sugged that asareault, lower cost job searchservicesmay be more
cost-effective thantraining aimedat raising participartsGearrings ard reducing the number of weels they
sperd unemgdoyed However, these patterns in the literatre arenot strong and therearemary exceptions
to these conclusions. One problemis that mary evaluations of emgdoymert programsfollow outcomesfor
only a short time, often for one year or less. As we discuss below, this shortcoming could be easly
addressedin future studiesof the PLX.

Evidence that these employmert programscanraise eanings and reduce unemploymert spellsis
not sufficient for judging whether they berefit society. Evaluations in this literatre have different
objectivesand accadingly focus on differert outcomes We argue below, that the most importart of these
outcomes for judging berefits to society is gains in earrings. These gains indicake that the policy or
program increagd output. Similarly, reductions in time spert unemgdoyed berefit society if program
participarts work more. But if the policy or program causesparticiparts to became discouraged and drop
out of the labor force, observed reductions in unemgdoymert spells would not likely be associated with

social berefits, asthere would be arise in persons who report being out of the labor force.

By contrast, other outcomes of ES-type services less clearly berefit society. Evaluations that
focus on outcomessuch as reductions in Ul paymerts do not show clearcut social gains because, by
definition, they transfer resourcesdollar for dollar to taxpayersfrom program participarts. There are no
clearcut social gains, because the gain to taxpayersfrom reduced Ul paymerts is exacly offset by aloss

in berefits (and income) for Ul recipierts. In principle, however, there could be social berefits from an



ES-type program that did nothing more thanreduce Ul paymerts becaise of reducedadministrative costs
of operaing the Ul system and because of reduced welfare (or OgadveightO)costs associated with Ul

taxeson employers

The PLX has beencriticized as being ineffecive because it tends to serve the less skilled
amag its pool of applicarts. As we discuss below this is exactly how we would expecta PLX to work in
theary. Recaynition of this thearetical point should make policy makers and practitioners cautious about
desgning performarce meadures to gauge how ES offi ces perform their PLX functions. As Katz and
Jacdison observed sometime ago in a large samgde of Pemsylvanian Ul claimarts covering a ten year
period, individuals who receve PLX referrals, but are not placed tend to earnless in subsequent years
than non-PLX users (Jacobson, 1995). This reault does not meanthat the PLX wasineffective or that it
actually harmed mary of its users It mears that individuals select into the PLX just as training
participarts selectinto training. Credble evaluations and appropriate perfformance measires of the PLX

must account for this selection proces.

The existing evidence on evaluations of the PLX and the literaure on other employmert
programs sugged that the PLX may berefit society. This reault appearspossible even after accaunt is
mace for what is known asthe Odsplacenert effecsOor Ogreral equilibrium effectsOof the PLX and for
the Qwelfare costsO associated with the taxes paid to finance the ES. But, given the relatively small
amaunt of resarch that exists on the impact of the PLX, we still cannot say with much confidence

whether or not the PLX is aneffective program that benefits society.

To address some of the methodological shortcomings in the literaure on the impacts of ES-type
senvices we examine the merits of altermative non-experimertal and quas-experimertal approactes to
evaluating ES services Below, we develop a non-experimertal methodol ogy that

(a) could beimplemertedrelatively easly with existing administrative data,
(b) accaints for someof the selection problemsassociated with individualsCuse of the PLX,
(c) would use sufficiertly large ssmplesto idertify the likely heterogenreity in the impacts of the
PLX, and
(d) would allow for egimatesof both the short- and long-term impacts of this service.
The advartage of this approachis that it is comprehensive, easly repicated and relatively inexpensive.
The disadvartage of our approach is that it potertially suffers from the same problems encountered by

non-experimertal studiesin the employmert and training literaure.



Alternatively, we compare the foregoing non-experimertal approach to a quas-experimenal
desgn proposed by Louis Jacdison and lan Peta that uses informaion on referrals to jobs that had
alread/ been filled by the time the ES user went for an interview (Jacdison and Peta, 2000). The
advartace of this desgn isthatit may do abetter job controlling for selection into PLX services Further,
as long as administrative data are available, some important underlying assumptions required by the
desgn canbeteged A disadvartage of this approachisthatit is likely more expensive and more diffi cult

toredicatin atimely mamerthanis our non-experimertal approach.

This paper examines the emgrical literaure on altermative emgdoymert and job search
strateges After providing some brief ingtitutional badkground on the ES ard the PLX, in particular, the
paper describesthes strategesin the context of a convertional model of workersjob search behavior.
We then show what this model predcts about the likely impacts of thes different job-finding strateges
Next, we turn to assess the strengths and weaknesses of alterrative statistical metods used to evaluate
thes policies In Secton V, we review the findings from existing evaluations of thes job-finding

strategesfor different groups of workers Finally, we make concluding remarksin Section VI.



II. WHAT DOES THE EMPLOYMENT SERVICE DO?

To evaluate the impact of the PLXOsjob-matching servicesit is helpful to place them in the
context of related ES functions. The role of the ES is to facilitate the return to work by the unemgdoyed
and labor forceentrants and to assist individualsin finding better quality jobs. Sometimesthes objecives
complimert eachother, but they may not. Efforts to help clierts find better quality high-paying work may
delay their return to work. Conversly, emphads on reducing time spent unemgdoyed could lead job

seelersto acapt poorer paying jobs.

A. ES as a Public Labor Exchange

Since its creaton, the ES hastaken on mary functions including several that are not involved
with helping the unemgdoyedfind work. For the purposesof thisreview, we focus on four main functions.
First, is the most familiar role of the ESN its PLX. The ideabehind this seniceis that the govermmert can
productively serve as a broker betweenindividuals selling their laborN the workersNl and those buying
labor--the employers The governmert takes information about the attributes that emgoyers dedre of
workers to fill availabe job vacarties and mathes these attributes to the skills of workers seeking
emdoymert. The rationale underlying this service is that the govermrmernt can take advarntage of
ecaomiesof both scale and scope and acauire to provide information on job attributesand worker skills

atlower cost thancanindividuals, firms and private employmert agercies

The PLX works in differert ways in differert states and with varying degees of tecmicad
sophisticaion. Detailed summaries and descriptions of how state ESOs$smplemert their PLX senicesare
found elsewhere (Mangum, 1982, Jacobson, 1994; Jacdison and Yudd, 1996; and Balducchi, Johnson,
and Gritz, 1997). But a useful way to conceive of the proces is that eachweek an ES offi ce will use a
sophisticated computer algorithm to match a list of the attributes that emgdoyers seekin job applicarts
with alist of the skills of unemgdoyed persons who are regsteredwith the ES. Individuals whose skills
are suffi ciertly close matchesto the attributesthat an emgoyer seeks for a job vacarncy are contacied by
the ES and referred to the emgdoyer for a job interview. The individual is Opacedif she obtains an
interview from the employer, receives and accepts a job offer, and then reports to work. After this
individual reports to the job, both the job listing and her name are removed from the ESOdists. In the
meartime, individuals who find jobs using other searchmechanisms and job vacarties filled by other
mears also are removed from the lists. New job vacanciesand new ES regstrants are added to the list.

The matching proces begns again. Individuals, who receved referrals during the previous week but are



still unemgdoyed, may receive a new referral to a differert emdoyer in the current week and in
subsequent weels.

The foregoing charactrization of the how the PLX operaes simplifieswhat is a more complex,
and somet mescustomizedproces. However, the decription idertifi esthe steps taken by the ES to creae
value for the economy. The ES obtains information from employersabout the typesof jobs that they have
availabe and they obtain informafon from job seelers on their skills and experience. By providing
referrals to job seelkersthey provide them with information about emgdoyers When the ES placesa job
seeler, it creaesa potertially productivity-enhancing match between emgdoyee and emgdoyer. The point
hereis that value is creatd both by the match but also in principle by the referralthat doesnot leadto a
placenent. The referral providesthe job seeker with information about the typesof emgdoyerslikely to
make for agood job match.

To the extert that ES referrals that do not leadto job placemerts alter job seelersOsubsecuert job
searchbehavior, thes referrals have animpact and are valuabe. If the experience does not change job
seelersdbehaviors the referrals may actually constitute a net loss both to the individual and to society. For
examgde, by having the ES applicart pursue the referal, the ES could divert a job seeker from a more
productive searchchamel. As a consequerce, the referral could at leas in some instancesleadto longer

not shorter unemploymert spells.

The recent move by some state ES's to Oslf-serviceOjob matching may help policy makers and
resarchersisolate the source of productivity gains and of social berefits derived from the PLX. This
practice allows regsteredclierts to directy view job listings provided by emgoyersto the ES. In most
states, these listings include informaton about the location of the emgdoyers(within a broad regon), the
type of occupation, the proposed starting wage, and job requiremens and attributes But the ES
suppresses the emdoyerOnames and addresses from thes listings. When regstered clierts find job
listings that interes them, they then take them to an ES staff member. The ES staff memker then
interviews or screers the ES cliert in order to determine whether her skills and experience areappropriate
for the job openings. ES clients that pass this screen are provided with names and addresses of the
emgdoyersfor which they aresuited Thes namesand address constitute areferral This procesis similar
to but less systematc thanthe computer matching process described above. Importartly not only doesthe
ES provide information to workers about job openings, but it also provides a service to emgoyers by

screening out potertial job applicarts.



This proces of self-service matching could produce better matches than the computer matching
process if the ES staff member is abe to gauge diffi cult to measire productivity-related attributesof ES
usersthat camot be incorporated into a computer algorithm. Altermatively, individuals may do a better
job recagnizing particularly good matches than the computer algorithm. In these instances self-service
matching could improve the efficiercy of the PLX. Alternatively, becaise this self-service process leawes
more room for discreion on the part of the ES staff member it could leadto error and poorer quality
referrals. These poorer quality referrals would reduce the social berefits of the PLX. Further, becawse it
involves staff time for screering, this proces is time consuming ard, therefae, in principle, more costly

thanthe computerizedmatching proces.

Anocther variarnt of self-service matching thatis less expensive providesthe regsteredcliert with
the emdoyerOsame and address aspart of the job listing. This informaton is not suppressed from the
job listing in at leag six states including Texasand Oregon (Jacdbson and Yudd, 1996, p. 36). In thee
states the ES plays less of a role in screering potertial job applicarts for emgdoyers In theay, this
practice could either improve or diminish the quality of ES referrak. Employers who list job vacarties
with the ES gererally expect the ES to screenpotertial job applicarts. Without this service, the cost of
hiring ES referals increases and the ES is a less valuabe source of new job applicarts. Alternatively,
empdoyersmay find that on averace self-refemals are of higher quality than ES staff referrals. In this cas,
self-service matching with no screering by ES staff could produce more social berefits than either self-

service matching with screering or computerized matching.

B. Other ES Functions that Facilitate Job Search

The secand function of the ESisto provide Job Seach Assistance (JSA) to jobseelersin orderto

improve their job seaich skills. Pariciparts may receve career counseling, skill asesmerts, and
informaion about the labor market including informaion on rapidly growing occupations and regons. In
addition, they may participate in classesthat teachjob searchskills, including interviewing skills expected
by emdoyers Under this category of services participarts also may recewe referrak to other supportive

social servicesthat provide subsidiesfor childcareand transportation, or substance abuse counseling.

The objectve of this secand ES function is not to provide matching but to increag the
productivity of workersDown job searctes According to the classic searchmodel, JSA canincrea the
productivity of job searchin three ways. First by increasng the rate that aceptade job offers arrive.

Secand by increasng the wages offeredto the job seeler. Third by setting more reaistic expectations for



the typesof operings to pursue ard the conditions for acceping job offers. Therefore, JSA could also be

effective if emdoyment ratesrose or if wagesrose.

The third function of the ES is to refer job seekersto training. Although historically, this function
of the ES has not beenimportart, recert policy changesfirst under JTPA and then under WIA malke it
more likely that the ES mayincreag its involvemer with job training policy. In the pag, this function of
the ES mack the most serse as part of its larger mission when state agercies referred job seelers to
training who were not yet Opb read/.OlIn principle, such a person could later receive PLX servicesafter
they acauired sufficiert training to be emdoyale, presumally in an unskilled job. However, while
training referrals have tendedto go to the leas employale ES applicarts, thereis no rea®n to think that
this practiceis effi ciert.

Under WIA, however, the ES is supposed to operae GDne-StopOcentersthat provide job seelers
with acces to lists of OceifiedOtraining providers voucher-like individual training accaints, and with
help integrating training into their clients job searchstrateges Having the ES serve asa brokerin making
training referrals could be highly dedralde. In the pags emdoymert and training providers had strong
incertives to ercourage clierts to erter training. For examde, JTPAOsdislocaed worker programs
allowed one dollar to be spert on non-training aid for each dollar spert on clasroom training. In
addition, the literaure on the evaluation of training programsindicatesthat referrals should not be limited
to the lea¢ job-read/. The ES asoperator of the One-Stop Certersisin a position to provide informaton
to clients about the berefits from training and on who on average is likely to derive berefits that exceed
the cost of training. Therefore, in order to evaluate this third function of the ES it is helpful to consider

the impactof training on the groups of individuals likely to be referredto training by the ES.

Finally, the fourth function of the ESis to help monitor the job searchefforts of the unemgdoyed
Under the Sccial Secuity Act, Ul claimarts usually must regster with the ES. As a reault, the ES is
supposed to inform Ul offi cials when a claimart fails to regster. In addition, the ES often erforcesthe
work ted. In some states the work teg requires Ul claimarts to documert contacts with emgdoyers as
eviderce that they are searching for work. In addition, the ES office could inform Ul officials of non-
compliarceif a claimart refusedto accep a suitale job offer or refusedto acton a suitale job referral.
Claimarts who do not comply with the work ted risk lose part or all of their berefits for the remainder of
the berefit year.



This type of monitoring constitutesa completely differert approachto reducing unemgdoymert. It
is intended to speedthe pace of individualsQjob searhesby reducing the value of being unemgoyed. It
addresses the Omoal hazardOcreaed by unemployment insurarce that lead Ul recipierts to searchless
intensely when they arereceving berefits than they would if there were no berefits (or if they receved
berefits asa lump sum at the start of their unemploymert spell.) By searching less intensely they delay
their return to work and increa® the cost of providing berefits. In principle, monitoring can raise
emdoymert rates without adversely affecting job quality. But there is a risk of going too far by
encouragng individuals to take poorer quality jobs. In contrag PLX, JSA, and job training should terd to
leadto higher quality jobs.

C. The Cost of ES Functions
Before turning to analyzethe PLX in ajob search framework, it is helpful to consider the costs of

these different servicesthat the ES provideseither directly or indirecty though referrabk. A useful way to
think of the differing costs is asfollows. The cost of a referral from the PLX and the cost of JSA are
similar. The cost of training is approximatly anorder of magnitude larger and the cost of monitoring is

nearly anorder of magnitude smaller.

Tabe 1. ES Applicarts, Referrals, and Placemerts for Program Y ear 2001.

Cakegoriesof ES Applicarts
Dislocatd
All Applicarts | Ul Claimarts Employed Workers
# of # of # of # of
Apps % Apps % Apps % Apps %
Job Seach Method (000s) Total | (000s) Total. | (000s) Total | (000s) Total
Total Active Applicarts 16,632 N 6601 N 2024 N 815 N
E Males 8,698 52.3 | 3,481 52.7 | 1,098 54.2 | 420 51.5
EF emales 7,824 47.0 | 2,980 451 | 921 455 | 373 45.8
Referredto Employmert 6,163 37.0| 1,613 244 | 1,021 504 | 278 34.1
Total Placed 1,401 8.4 | 305 46 | 207 10.2 64 79
Job Seach Activities 7,622 45.8 | 2,868 434 | 876 433 | 486 59.6
Referredto Other Savices 1,498 9.0 | 640 9.7 | 143 7.1 | 109 134

Notes: Figuresin the table are from the USDOL (2002) and authorOsalculations.

The cost of the PLX canbe inferredfrom total ES expenditures One way to charackrize the cost

of the PLX isin temsof the cost of areferral. To compute this figure it is useful to consider the numbers

10



of referrals ard placemerts mack by state employmert service agencies(SESA) eachyear. As shown by
Table 1, during year between July 1, 2000 and June 30, 2001, 16.6 million people regsteredwith state
emdoymert services Ul claimarts accainted for only 6.6 million, or about 40 percert of all ES
amlicarts. About 12 percert of ES applicarts were emdoyed ard only 5 percent were classified as
displaced workers. Among thes groups, about 37 percert of all ES applicarts were referred to
emdoymert comparedwith 24 percert of Ul claimarts, one-half of employed ES applicarts, and about
one-third of displacedworkers

Turning to the placemenfiguresin Tabe 1, we seethat 8 percert of ES applicarts wereplaced
The placamert figuresrange between5 and 10 percen for the Ul claimarts, employed ES applicarts, and
displacedworkers These figuresunderscore the point that degpite the attertion receved by Ul claimarts

in evaluations of the ES, they constitute a minority of the applicarts, referral, and placemerts.

To edimate the cost of areferral and placemenconsider that eachyearapproximately 17 million
persons regster with the ES. During the 1990s the number of ES regstrans declined from about 20
million in 1992 to about 16 million by 1999. Of this total roughly 35 percert receve a referral. At the
same time, the expenditures of the ES nationwide including the SESAs is about $1.5 billion, with
aporoximately two-thirds of these expendituresspent on PLX services These figuresindicat that a PLX
referal costs approximatly $175 per person referred. If about 25 percert of those referred receve a
placenen, thenthe cost of eachPLX placamert amounts to roughly $700. Becuse the percertage of ES
amlicarts who receive areferral variesamag states thes egimateswould differ from state to state.

As we indicat below, the cost of a PLX referral or placemert is similar to the per capta costs of
JSA. (See Table 8.) Because the costs of these two types of job searchservicesare similar, reources
should be realocated from the less effecive to the more effective service if their impacts differ. By
contrad, the cost of training typically rangesbetween $1,000 to $3,000. Consequertly, if we find that the
effects of training on earrings are similar to the effeds of the PLX or JSA on earning, some resources
probally should be realocatd away from training and toward these other services Finally, the cost of
increagd monitoring of workersOjob searctes often is on the order of $20 (Black and Smith, 2001;
Ashmore, Asherfelter, and Deschenes 2001). Such initiativesrequire only very smal earrings gainsin
orderto be cost-effective.
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III. THE ECONOMICS OF JOB SEARCH AND THE PLX

As background for underganding the emgrical literatre on the ES, it is helpful to undergand the
ecaomic motivation for fostering workerjob seaches either through a PLX, through job search
assistance, or through referrals to training. The purpose of assisting workersQjob searchesis to increag
their output. This objecive canbe achieved in threeways: (a) increasng the likelihood of receving an
aporopriate job offer, (b) increasng the likelihood that an appropriate offer is accepted, and(c) improving

the quality of thejob match leadng to increaged wages

Improved job searchskills should reduce time spent unemgdoyed when a job is lost and should
reducethe likelihood that subsequert job-to-job tramsitions would include a spell of unemploymert. If the
guality of the job-match improvesbecawse of ES services the duration of emdoymert should increae.
However, these impacts on the duration of unemgdoyment and emgdoymert spells arenot unamkguously
predcted by ecaiomic theary. ES job searchservices could cawse the duration of unemgdoymert to rise
because they cawse a job seacherOOesrvation wageOto increag. As job searclers becane more
confidert that they will receive job offers, they may be less likely to accep just any particular job offer

that comesalong.

A. OQutcomes of Interest

This amalysis of job searchguidesour choice of outcomesthat evaluators should consider when
evaluating ES job searchservices In theary, it is unclear whether shorter spells of insured unemploymert
indicate whether a PLX or JSA is cost-effective. Even if thes services lead to cost savings for the
SESAs, it candtill be the cas that society would be better off if these serviceswerenot providedin the
first place.By contrag, if the PLX leads to increased earnings and egecially hourly wages it is much
more likely that society berefits from these services In this subsecton, we consider the alterrative ways
that PlaxOsaffect different outcomesof interes would benefit society, ES users egecially Ul claimarts,
and taxpayers

If the primary berefit of the PLX was reductions in either Ul paymerts or weeks of insured
unemgdoymert, society may not berefit much from these services Whenthe PLX reducesUl paymerts,
the savings to taxpayers (emgoyers) are exacly offset by the loss of these berefits by Ul claimarts. It is
possible that degite thes offsetting effects, society still berefits from the PLX because Ul claimarts now

have higher earnings during the period immedately following their spell of insured unemgdoymert.
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However, evenif thes claimantsOearrni ngs are much greaer thantheir Ul benefits in the short-run, those
gains to the workersand society could be offset by reductions in earnngs ssemming from acceping offers

of lower quality jobs that areless stalle or that pay lower wages

Eviderce that the PLX reduces Ul payments does not necesarily indicate that these services
berefit society: by helping ES participarts find jobs more quickly, the gain in reduced Ul paymerts might
be exacty offset if PLX servicesdisplaceother job seekerswho otherwise would have receved the same
job. Such displacemert effects have long beena concern for program evaluations of large programs that
cover a significart percerage of the work force (Johnson, 1979). We discuss this issue more fully below

in the context of ES evaluations.

Finally, if the PLX works by reducing the time that a person is jobless, but do not affect the
guality of the job that that person obtains, then we would expectany gains from PLXs to be short-laging.
The PLX would not affect whether a person found ajob or not, but only how quickly they found ajob. To
be sure, shortening the time that a job seeler looks for a job is valualde. Saciety berefits from that
peronOsncreagd output. But in this situation, while the PLX affects individualsQearrings in the first

few quartersafter the individuals reg ster with the ES, they have no long-tem effects on earnings.

If instead the primary berefit of PLXOsand other ES servicesis to improve the quality of
workerOgob mathes thenit is more likely that society berefits from these services Scciety and ES users
berefit if asa realt of the ESOsnatching senvices individuals tend to find jobs that pay higher wages
initially and show greager long-term earnings growth, or, even if they simply find jobs that are more
stabe. In this setting, ES servicesshould cawse workers wagesard earrings to be higher, not only in the

short-termbut also in the long-tem.

If the PLX and other ES senvices primariy improve workersOwages it is possible that these
servicesmight cawse the duration of unemploymert to increag. For example, suppose ES regstrarnts lean
that PLXs help them secure higher quality jobs thanthey would obtain otherwise. This effect could occur
in two ways. First, an effecive PLX might make its clierts better off by matching their skills to the beg
available job. This would have the effect of increasng the likelihood of receving an offer that pays
relatively well. Second, an effecive PLX might altermatively make its clients better off by increasng the
Oarnval rateOof job offers. As a result, such ES clients becane more selecive in their job search

Consequently, the duration of unemgdoymert spells might actually increag asa reallt of ES services but
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the lost output associated with longer unemployment spells, would be offset because ES usersevertually

find jobs that pays higher wages

This assesmernt of how the functioning of PLX could altermatively affect unemploymert
durations, earrings, and wages indicatesthat the key outcomesof interes are earrings or hourly wages
Hourly wagesareof special interes because they indicate the quality of jobs obtained by ES clierts. If the
PLX raises hourly wages it is more likely it will help clierts find jobs in which their productivity is
higher. By contrad, evidence that PL X users obtain jobs in which they earnmore may simply mean that
they obtain jobs in which they work more hours at low wages Evidence that the PLX leads to fewer
weeks of unemgdoymert likely indicatsthat the PLX leads to higher earrings, evenif eanings are not
directy measiredin the study. But asindicated above this neednot be the ca®. These conclusions about
the primary outcomes of intered in evaluations of the PLX hold no mater whether thes serviceshelp
clierts by shortering unemgdoymert spells or by increasng the quality of jobs. In the former case, we
would expectthe earrings impacts to be relatively short-lived By contrag, if PLXOsmprove job quality,
we would expect the earrings impacts to be longer lived and perhaps persst throughout a personOswork
life. This reault would be reinforced if higher quality jobs not only paid better, but also offered more

formal and informal modesof on-the-job training.

This discussion of the outcomesof intereg in evaluations of the PLX also underscores the point
that the desgn of the evaluation should accaunt for the likely way in which the PLX affects earnings. If
the PLX works largely by reducing unemdoymert spells, the evaluation needonly focus on short-term
indicabors of earnings. But if the PLX works largely by helping ES clierts obtain better quality jobs, the
evaluation should seekto evaluate earrings and wages over a sustained period of time. Small earrings
gains in the short-term that are gererated by higher wages could signify substartial social berefits from
the PLX if they wereto perdst.

B. Available Job Search Channels Affect ES Impacts

Economic theary not only guidesour underdanding of the outcomesof interes in an evaluation
of the ES services but also indicatesthat the impact of these servicesis likely to vary amag individuals.
To seethis point, suppose that therearetwo OclamelsOof job search (a) the public ES and (b) all other
job searchchamels. Thes other chamels include friends and family, direct contacts with emgdoyers

newspaper wart ads, private employmert services and others
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The empgrical evidence underscoresthe view that job searctersuse mary chamels to searchfor a
job and that the public ESis not the most importart of these chamels. As shown by Table 2, regponderts
to the Current Population Survey during the 1990s reported using the ES for their job searchonly about
one-fourth of the time. Womenreported using it less than mendid and whitesreported using it less than
blacks. All of these groups report using friends ard relatives as frequertly asthey use the employmert
senvice. The evidence here underscoresthe point that the ES is one of mary routesthat job seekerscan
take to look for a job. Further, within the ES there are, as we observed alove, differert servicesthat

should affecta personOdikelihood of using these diff erert chamels.

Tabe 2. Job Seach Methods and Employment RatesAfter One Month for Unemployed Job Seelers
in the Current Population Survey

Demographic Characteristic
Men Women White Black
% % % % % % % %
Job Seach Method Used Emp. Used Emp. Used Emp. | Used Emp.
Any metod N 23.8 N 21.0 N 24.2 N 15.7
Private emdoyer agency 9.5 22.4 856 27.8 9.2 25.7 8.6 19.0
Direct employer contact 735 24.2 70.6 22.0 72.7 25.0 72.3 15.9
Friends/relatives 24.9 23.7 18.6 20.8 221 24.2 21.0 15.3
Placedarswered ads 40.8 234 43.8 21.3 43.6 23.7 34.2 14.9
Public employmert agercy 27.7 22.6 23.0 20.1 24.6 23.1 28.1 16.4
Other methods 6.5 25.6 4.6 229 6.0 25.1 39 19.7

Notes: Sample is unemployed persons in monthly CPS during 1991 that were actively searching for work. Unemployed persons on layoff or
who expected to start a new job within 30 days were excluded. M UsedOis the percentage of persons who used the indicated job search
method. W EmpOQindicates the percentage of individuals using the indicated job search method who are employed after one month.

Source: Bortnick and Ports (1992), Tables 1 and 2

The creation or improvemert of the public ES has several effects. First, it will encourage job
searclers to substitute away from other search chamels (van den Berg and van der Klaawv, 2001). The
improved search outcomesreallting from the ES reduce the number of successful searchoutcomesfrom
other chamels. Therdore, holding the cost of searchconstart, individuals searchless using the other
chamels. This reault implies that the value to society of having the public ES is offset to some extert

because the other search chamels make fewer matchesand therefae areless valualde.

Secad, the creaion or improvemert in the public ES is less valuable for persons who are

productive searclersusing other chamels. These individuals arelikely to find ajob using other mears so
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whether they receive a job referral or job searchassistance via the ES makes little difference to their

earnngs. They expect to gain little from the public experditureson the ES.

Third, persons who are unproductive searcters using other chamels berefit most from the
creaton or improvemert of a public ES because they are less likely than othersto obtain emgdoymert
through other job searchchamels. This impliesthat the ES should be most effective for individuals who
areunproductive searclerswhenusing other job search chamels. Such persons terd to have less valuabe
job search networks amang their family and friends, less experience directly approaching potertial
emgdoyers and arelikely harder to referand placethan other potertial ES participarts (Van denbergand
vander Klaaw, 2001).

The foregoing aralysis indicakes that the ESO$LX would have a larger impact by sening les
skilled clierts who arelikely less productive searclers using other chamels. If an evaluation compared
outcomes of thes clierts to other ES regstrarts who never received a referral, we would expect that
those with the referrals would fair worse in the labor market. But such a comparison between those who
receved a referral and those who did not receive one would constitute a misleadng indicabor of the
effectiveress of ESO®L X services

This framework of multiple job seaich chamels also is helpful for underganding why the effects
of PLX senvicesarelikely to differ from the effect of ES JSA-erharcing services Improving the PLX at
the experse of JSA increases the productivity of job searchusing the public ES chamel. By contrag,
doing just the opposite and improving the quality of JSA servicesat the expense of the PLX increasesthe
productivity of job searchusing other chamels. (JSA also may increa® the productivity of job search
using the ES chamel by helping ES clients to became a sawier interviewee) Which allocaion is more
bereficial to society likely depends on the individual charactristics of job seekersin a given community

aswell asthe attributesof jobs commonly listed with the SESASs.

C. Referrals to Training May Enhance the Productivity of Job Search

As we discussed above, in the current Ome-stopOenvironmert, athird job searchstrategy used by
the ES is to referits clierts to job training. The tradtional rationale for subsidizing job training is that
credt constraints prevert individuals from inveging in their human cagtal. In recert years resarchers

have begun to recagnize that individuals also may have a Opb search mativeCGfor participating in training
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(Heckman LalLonde, and Smith, 1999). Job training programsprovide individuals with informaton about
the labor market, employers and their own set of skills so that they can better match themslvesto an
aporopriate job. For example, an on-the-job (OJT) training slot with a private emdoyer may in practice
offer very little training. Instead the OJT slot providesa subsidy to emgdoyersto learnabout prospecive

low-incomehires In this cae job seach continuesto take place while the worker is on the job.

The job seach view of training also is consistert with the relatively short durations of
participartsOstays in classroom training (CT). If there is animportart networking componert to CT, then
peaople should use CT to facilitate finding ajob and leave the program whenthey are emdoyed and before
training is complete. Indeed, some of the literaure reports substartial variation in the duration of training,

evenamong participarts who are observationally similar (Heckman, LaLonde, and Smith, 1999)

Consistert with the view that training facilitatesjob searchis the behavior of training participarts.
Resarch indicatkes that trarsitions into unemdoyment, whether from emgoyment or from out-of-the
labor force, are strong predctors of participation in training (Wegat, 1985; Heckmanand Smith, 1998).
Individuals who participate in training usually have recertly lost ajob and aretrying to find a new one or
have recertly decided to ernter or reener the labor force and searchfor work. The decision to participate
in public secor sponsored training and movemerts into unemdoymert appear to be closely related
everts.

The eanings dynamics that appear so importart in predcting training participation are likely
explained by dynamicsin employmert rates Thus, evidence that individualsOearrings tend to dip prior
to ertering a training program appeas to reault from dips in emdoymert ratesduring the periods prior to
ertering training. Cardand Sulivan (1988) find that the quarterly emdoyment ratesof CETA participarts
dip prior to participation; and Ham and LalLonde (1990) report the same pattern in semimonthly
emdoymert rates of very disadvantaged AFDC participarts in the National Supported Work
Demonstration. Heckman and Smith 1998 find the samefor JTPA participarts. They characerize the
training participation proces as one that appearsmotivated by displacemeh from the emdoymert or

movemen from out-of-the labor forceinto unemploymert.

Although a desre to acquire human captal also might explain some of the foregoing patterrs,
they are consistert with a job searchmative for acquiring training. Accardingly, individuals erroll in
emdoymert arnd training programs in order (a) to increag the arrival rate of job offers and (b) to

improve their likelihood of receiving a high wage offer. But, given that the literaure reveals little
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eviderce that training increags wages (aswe would expectif individuals erroll in training in order to
increa® their skills and productivity), it is rea®nable to focus on (a) asthe rea®n individuals erroll in

these programs.

Because of the focus of training program evaluations on earrings asthe outcome of intered, there
isrelatively little evidence on how thes programs affect trarsition ratesout of unemgdoymert. We would
expect that if training primarily increagsthe arrival rate of job offers, then the unemgdoymernt spells of
training participants should be shorter than the spells of non-participarts. By contrad, if individuals
errolledin training to acquire new skills, we expect spells of joblesness to increase asindividuals search
less intersely in order to inveg more in schooling. Eberwein, Ham and Lalonde, (1997) report some
evidencethat training reducedunemgdoymert spells for adult womenwho participatedin CT under JTPA.
But Hamand Lalonde (1996) find no evidence that Supported Work offeredto AFDC recipients during
the 1970s had any effect on the duration of joblessness. Nonetheless becawse of the theoretical ard
emgrical eviderce indicating that emdoymert and training programsmay work like other ES servicesto
facilitate job search we believe it is appropriate to consider the impact of these programsalong side

those of other emdoymert services

D.“General Equilibrium” or “Displacement” Effects of the ES

Evaluations of emdoyment and training serviceshave focused on the impact that these services
have on the individuals who receve them (Heckman, LaLonde, and Smith, 1999). Although policy
makersintend for these policiesto improve the labor market prospects of those who receive services one
issue they needto consider is whether these policesalso adversely affect those who did not receive thes

services

Senicesprovided by the ES should increag the likelihood that participants becane emgdoyed.
But by increasng the emgdoymert prospect of its cliernts, the program also may reduce the likelihood
that non-participarts receve a job offer. Therefore, while ES clients are more likely to be emdoyed, the
emdoymert prospects of non-participarts are diminished As a reailt of the ES, we expect the
emgdoymert ratesof unemployed non-participarts to be lower because they much searchlonger for jobs.
Similarly, among non-participarts who are employed, we expect instances of productivity-improving
turnover to be less. Thes potertial effects of the ES are known as Odsplacemert,OGrowding outOor

Ogreral equilibriumOeffects of the program
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To understand the facbors that might make thes displacanert effects importart to an evaluation
of the ES, it is helpful to consider a framework that depicts how the job prospects of ES clierts and non-
participarts potertially interactwith eachother. Effective ES services like the PLX, make job seach
more productive for some ES users But at the sametime they potertially reduce the productivity of job
searcheshby ES clients who receive no servicesand non-ES usersgererally. Effecive ES servicesreduce
the probahlity that that in any given period non-userswill receive an accegale job offer. Because they
areless productive searclers the duration of non-usersDunemgoymert is greaer. In the most extreme
ca®, the programmay simply cause a fixed number of jobs to be redstributed amag ES clients and non-
participarts. For each emdoyed ES client who othemwise would not have had a job, there is an
unemgoyed non-participant who othemwise would have had a job. As a reallt, deite an effective ES,
total emdoymert and output in the ecanomy areunchanged In this instance, the participarts experience
considerabe private benefits from the service. But society asa whole doesnot berefit from the program.

Indeed because it costs money to operat the ES, this program would creake anetloss to society.

Employmert servicessuch asthe PLX or JSA benrefit society whenthey cause output to increas
above what it would have beenotherwise. The increased output ertails higher per cagdta incomesand
lower prices for consumers If improved information about the labor market leads to better matches

betweenemployersand employees society benefits.

The potertial impact that emgdoymen programs have on non-patticiparts are known as
OdsplacemenO or Ocravding out effecs.O In theary, there are several behavioral ard labor market
variabes that determine how importart is the crowding out effect in evaluations of emgdoymernt

programs Thes variabesarethe following:

(1) the separaion ratesfrom jobs

(2) theratio of job vacartiesto the number of unemployed

(3) thecost and productivity of job search and

(4) the sersitivity of individualstime and effort spert searcting for jobs to changesin the cost of
job search

If the natural separaton or turnover rate from jobs tends to be high, thenatany point in timethere

are more vacarciesto fill. This would make it more likely that the unemployed could find a job using

other search chamels beddes the PLX. In this cas, the PLX has a smaller impact than it would if
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separafon rates from jobs tended to be low. But another force working in the other direction operates
when separation rates rise. Now there are more unemployed workers in the pool of unemployed This
increa® in the number of job searchers reducesthe likelihood that any one of them will find a job. This
observation underscores the importance of the ratio of vacarties to unemgoyed persons. When the
ecaomy is strong and vacarciesareabundart, the PLXOsacivitiescrowd out fewer non-ES users When
conditions in the labor market deteriorate, there are more unemgoyed persons per vacarcy. In this ca®
the Otarsition rateOout of unemdoymert rises Under these conditions, it is more likely that PLX

placenens are crowding out non-ES users

The cost of job searchalso should influence whether PLX servicesdisplacednon-ES users If
more productive workerstend to be more productive searclers, then the cost of job searchis lower for
any amaunt of seach. If we define job searcheffort asthe number of appropriate employer contacts,
more productive searchers will have lower costs per emgdoyer contact. It seemslikely that less skilled
workers who make greaer use of the ES than do more skilled workers would also have higher seach
costs. All other things equal, the crowding out effects will be larger, when the non-ES users are more
productive job searclers who are seeking the sameset of vacartiesasthe ES users By contrag, if the
non-ES usersare poor job seaichersanyway, the placemert of an ES useris not likely to reduce the non-

ES usersemploymert ratesby much.

The final facor to consider when assessing the importance of the displacemenheffect in programs
like those offered by the ES is the sersitivity of individualsQtime and effort spert seacching for ajob to
changesin the cost of job search This parameter encompassesthe ideathat effort seaiching for ajob is
gereraly distageful and even painful and until an accepable offer arives reduces a peron@ utility.
Further,increagsin effort aremore costly to the jobseeker, so the cost of job searchrisesat anincreasng
rate.

In the literature that edimatesthe size of crowding out effects, the foregoing paraneter is usually
assumedto be the samefor both high- and low-skilled workers This assumption embodiesthe ideathat
additional time and effort associated with more job searchare similarly distageful and costly to both
groups. It is plawsible, however, that these costs are higher for high skilled workers egecially for those
jobseelersthat are employed But, if additional time and effort spert searching for a job come at alower
personal cost for high skilled workers than for their low-skilled counterparts, it may be more desrade
than otherwise for the PLX to focus its services on less productive and presumaly less skilled job
searchers. Under these circumgances high-skilled workers may not be that adversely affected by the

crowding out effect of the PLX. Unfortunately, for policy purposes thereis little evidence on the value
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of this paraneter overal much less on how it might vary among groups. Indirect eviderce is reported
based on eviderce from the Wasington State Reemgdoymert Bonus Experimert (Davidson amnd
Woodbury, 1993; Robins and Spiegelman 2001)

By considering these four factors in a fully specified model of the labor market, it is possible to
simulate how much the employmert ratesof non-ES userswould be reducedfor any givenimpactof the
ES on participartsQemgoymert rates The evaluation literaure on ES programs suggesds the likely range

of these factors.

Simulation models developed by Carl Davidson and Stephen Woodbury predct that the aggregate
crowding out effect would amaunt to about one-third of the impact of a PLX placement on total
emdoymert ard equal the magnitude of the impactof a PLX referral for a person who is refered but not
placed However, thes are the aggregate crowding out effects. There are mary more non-ES usersthan
ES users Louis JacdsonOsard lan PettaOg2000) study of Washington State ES regstrarts find that
between 1987 and 1995, ES users (defined asthose registrants who received a referral) amounted to 15
percern of all regstrarts. (SeeTale 4, below.) As areault, the average edimated impact of the PLX on
all non-ES userswas about 0.06 weeks or about 2.5 hours. These esimates are sersitive to asumptions
about the underlying paranetersof the model used to simulate the crowding-out effects. The crowding
out effects double when separaions ratesdecline by 20 percer from the refererce separaion rate of one-
half percent per week and the authors assume a lower sersitivity of job searcheffort to the cost of job
search (SeeJacdson ard Petta, 2000, p. 6-18.)

A straightforward way to take accaunt of the reference crowding out effects in a standard cost-
berefit aralysis is to express these effects per ES user. For JacchsonOsard Peta®g2000) study, we
multiply the crowding out effectof ES for any givenoutcome, such asweels of insured unemgdoymert or
earnngs, by the inverse of the fracton ES usersamong all regstrants or 1/0.15 = 6.7. Therefore, for their
study, we egimat the crowding out effects per ES-user to be 6.7 times0.06 weels or 0.4 weels. Those

auhors found that
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X? The reduction in weeks of insured unemgdoymernt berefits society only to the
extent that administrative costs associated with the Ul systemaresaved. The reduction in Ul berefitsis a
trarsfer between Ul recipients and the reg of society. The implicaion of this crowding-out calculation for
unemgoymert insurance berefit savings is that for every dollar saved becatse the PLX reducesES user®)
Ul receipts, paymerts to non-ES users rise by $0.25 (per ES user). In JacdsonOsard PettaOstudy, the
average weekly Ul paymert to ES userswasabout $165. Therdore, a reduction of 1.6 weeks in insured
unemgdoymert implies a saving of approximatly $265 per ES user. At the same time the PLX is
increasng the unemydoymernt spells of non-ES users by a total of 0.4 weeks per ES user. So the $265

savings areoffsetby anincrea of berefits paid out to non-ES-usersthat totals $65 per ES-user.
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IV. EMPIRICAL METHODOLOGY

A. The Evaluation Problem in Studies of the Employment Service

The key task in any program evaluation is to idertify the counterfactual outcome. In evaluations
of the PLX the most comman counterfactual outcomesstudied for individuals are(i) their outcomeif they
had not beenreferred ard (ii) their outcome if they had not beenreferred and placed In studies of the
ESOsgole in monitoring the Ul Gwork tegOthe counterfactual outcomes studied is individualsOoutcomes
had they had beensubjecied to the stateOsonvertional work teg. In studiesof the ESOsole in providing
clients with job searchassistance (JSA), the counterfactual outcome studied is individualsQoutcomeshad

they not beenexposedto JSA counseling or a JSA workshop.

In anexperimertal evaluation, analysts use the meanoutcomesfor a control group to egimate the
meancounterfactual outcome for the treamerts. The control groupsOmeanoutcomesprovide a credble
edimate of the counterfactual outcomes for the treatmert group members becawse the controls are
essentially program participarts who have beenrandomizedout of the program (Heckman, Lalonde, and
Smith, 1999). The control group is used to fill in the informaton that is missing about the treamertsO

counterfacual outcomes

By contrag, in a non-experimertal evaluation, aralysts fill in this missing information by
using a comparison group and some asumptions. In these studies evaluators must maintain some
assumptions that cannot be teded with the data in order to idertify and egimate the impact of a referral
or of monitoring, or of JSA. Evaluators usually base some of thes assumptions on an economic or some
other behavioral theay or on pags empirical reeach. To the extert that the applicaion of such
knowledge is subjective, there always will be room for program evaluators to disagree about the causal
interpretation of edimatesreported in non-experimental studies Indeed another berefit of experimental
desdgns is that they can be used to teg the validity of altermative non-experimertal methods (LalLonde
1986; Heckman, Ichimura, Smith, and Todd, 1998; Heckman Lal.onde, and Smith, 1999).

Experimertal evaluations of ES servicesare unusual, although thereare mary evaluations of JSA
and a few evaluations of differert monitoring strategestargeted at Ul claimarts. However, the majority
of the JSA evaluations areof JSA senvicesfor economically disadvantagedwomen This population is not

typical of the population served by the ES, particularly the population that receves referals ard
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placenens (USDOL 2002). Nonetheless, we survey the experimertal evaluations of monitoring and JSA
below. We also discuss the one experimertal evaluation that comesclosed to evaluating the impactof ES

referals |ater in this subsection of the paper (Corson, et. al. 1985).

To identify the impactof ES servicesanalysts have more typically followedthe non-experimental
practices developed to evaluate emgdoyment ard training programs staring with MDTA. In those
evaluations, aralysts usually begn by selecting a group of individuals who did not participate in training
to serve as a comparison group. Evaluators have used a variety of strateges for selecing comparison
groups. One strategy for defining a comparison group is to use program applicarts who were not trained
These applicarts may include persons who applied and were rejected from the program, those who were
admitted but never showed up for training (Om-showsO),or early program dropouts (Cooley et al., 1979,
Lalonde 1984; Bell etal. 1995). More often aralysts have formeda comparison group by starting with a
samge of non-participarts from the gereral population and then applying some form of OsreeringOor

OmathingOto arrive at a comparison group for the aralysis.

Thes strategesfor selecing a comparison group are also found in the literatre on the ES. In
Terry JohnsonOsK atherine DickinsonOsand Richard WegOsnational evaluation of the PLX, the authors
use ES applicarts who did not receive an ES referral as the comparison group. In JacdsonOsard PetaOs
studies of Ul claimarts in Washington and Oregon, the comparison group consists on Ul claimarts who
did not receie referrals or other PLX servicesin succesive three-week periods. These comparison
groups share a common set of experiences with the QreamertOgroup in that in these individuals also

regsteredwith the ES and were Ul claimarts.

In a recent study, Jacdbson and Peta (2000; 2001) propose another aporoach for selecting a
comparison group that they argue might come close to reficating a true experimental control group.
Their desgn exploits delays in removing job vacarties that have beenfilled from the ES listings. As a
reault, ES userssometimesreceive referrals to jobs that areno longer vacart. Suppose the recept of such
areferral is esertially arandom event. It is possible to obtain anunbiased edimate the value of areferral
by comparing outcomes such asweels of unemgdoyment, of ES userswho receive a referral to a vacan
job and of ES userswho receie areferral to ajob that alread/ had beenfilled Jacdoson and Peta show
that by adopting metods developed for handling program Om-showsOard early dropouts in training
programs they also can egimat the effect of a PLX placemernt on outcomes of interes. Below we
discuss the advartages and disadvartages of this potertially promising Qhatural experimertO for
evaluating the PLX.
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Once evaluators have defined a comparison group, they next specify a statistical model of the
outcomes of interes. In an evaluation of training programs these outcomes have been eanings and
emgdoymert rates We observed above that earrings, wages and weeks of unemgdoymert should be the
key outcomesof intered in studiesof the ES. But policy makersand program operabrs also areinteresed
in the impact of ES sernviceson Ul berefits paid, weeks of insured unemgdoymert, whether individuals
exhausted their berefits, and whether the individual was subjectto a non-monetary determination. Under
the assumptions of the statistical model, evaluators adust the outcomesof the comparison group memters
so that their meanvalues of their outcomes constitute the counterfacual outcome for those who receive
ES services Unbiased (or consistert) edimates of the impact of ES servicesdepend both on the criteria
usedto selectthe comparison group and on the assumptions underlying statistical model used to compare
the outcomesof the ES usersand of the comparison group.

The literaure adopts one of two approachesto edimaing the impact of ES serviceson earnngs,
weeks of unemploymernt and other outcomesof interes. The first approach relieson cross-sectional data.
Analysts have one observation per individual, which includes information on eanings, employmert
status, and Ul recept and on anarray of individual charactristics, including whether the individual was
an ES user or amemter of the comparison group. They thenregress one of the outcome variabeson this
array of individual characeristics ard a seriesof indicabr (dummy) variabesindicaing the type of ES
service received by the individual. In the program evaluation literaure this aporoach is known as the
linearcontrol function edimator. The key assumption in such amalysesis that the array of charactristics
fully determines who receved ES services and who did not. Under this assumption, the coeffi cierts
associated with the ES indicabr variades measire the impact of thes services on the outcomes of
intereg.

The secand approachto egimating the impact of ES servicesrelieson longitudinal data. In this
ca® analysts have informaton on the outcomes of interes both before and after individuals receive ES
senvices The advartage of such datais that evaluators cancontrol for unobserved attributesof individuals
that arefixed through time or that change in a fixed way through time. Accaunting for these attributesis
importart when they arerelated both to the outcomesof interes ard to the likelihood that anindividual
receves ES services The most straightforward egimator in this class of edimatbors is the difference-in-
differences egimabr. It is formed by comparing the difference betweenthe change in participartsOard
non-participartsCoutcomesspaming the pre- and post-program period.
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In the national evaluation of ES by Johnson et al., and in the Washington State and Oregon
evaluations by Jacdoson and Peta, the auhors essertially use the first of thes two approaches They
regess several outcomes on the ES indicaor (dummy) variabes on a set of invariant demagraphic
characteristics, and Gan extersive list of pre-applicaion labor force variablesO(Johnson et al., 1985, pp.
120 B21). Therefore, the authors have information on labor market outcomesprior to the receipt of PLX
services Significartly, their set of characeristics also includes some variabes that are Omrmally
unmeasiredO Thes consisted of a set of mativational indexes In Jacobson and PettaOsvaluation the
auhors also include controls for local labor market characteristics and individuals' Ul claims history.

They did not have measiresof mativation in their study.

The literaure on evaluations of emdoyment ard training programshas demonstrated that neither
statistical approachconsistertly yields credble edimatesof the impactof such programs The problemin
thes studies that do not rely on experimertal data is that it has proven difficult to accaint for the
decisions that individuals and program operabrs make about who participatesin the program or receives
its services An importart difference between participarts and non-participarts in a programis that one
group decided to participate and the other group decided not to participate. Presimaly, this decision is

basedon individuals and program operatorsCassessments about the value of the program.

In the ca® of ES senvices individuals make decisions regarding whether to seek servicesand
programoperabrs decide who and how intensely they will serve ES regstrants. If this decision procesis
unrelated to the outcomesof intered, it would not pose a problem for the evaluation. But studiesindicate
that this OslecionOproblem is diffi cult to address in pracice, even when aralysts possess a rich set of
variabes on each individual (LaLonde 1986; Heckman, Ichimura, Smith, and Todd, 1998; Heckman
LalLonde, and Smith, 1999).

In the context of emdoymert ard training programs, the Department of Labor recognized the
difficulty of addressing the selecion problem in evaluations of its programs In regonse to the
Stormsdorfer Commission recanmerdations, the Departmert has funded several important experimertal
evaluations of its programs (Cawe Doolittle 1991; Bloom et al., 1993; Orr et al. 1994; Schochet,
Burghard, and Glazerman 2001 ). The issues surrounding the evaluation of ES servicesare the same as
those that arise when evaluating training programs The quedion that arises is whether the statistical
models fully control for pre-existing differencesbetweenES users namely those who receive referrals,
and non-participarts. A positive differerce between the earrings receved by ES users and non-

participarts could indicat that ES services are effective. But this difference also could indicate that the
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underlying statistical model has not adequately controlled for the proceses that lead the ES users to
recewve ES servicesard the other group to not receive them. Trying to address this quegion hasposed a

major challenge for program evaluators.

B.Evidence of Selection Bias in Evaluations of the ES

Authors of studies of the ES have beenaware of the problem of selection in evaluations of its
senvices The national evaluation of the ES and the study of the ES in Washington and Oregon are
instructive for illustrating methods for addressing this issue with non-experimertal data. In Johnson et.
al., (1985), the authors explicitly look for evidence of selecton biasin their egimatesof the effectof aES
referral. Their exercise involved two componerts. First, they examined how individual characteristics
determined whether an ES applicart receved a referral. In this amalysis the authors used the dummy
variabe indicating whether anindividual received areferral during the six months after applying to ES as
the dependert variabe. They then regressed this variade on a variety of demographic, financial, ard
ernvironmertal charackristics The purpose of this amalysis was to model the selecion proces by ES

amlicarts and staff.

Johnson et al., (1985) report that Ofev applicart demagraphic characteristics and no work-history
characteristics signifi cartly influence whether anindividual (received) a referralO(Johnson et al., (1985),
p. 123). By contrad, the authors report that measires of an ES applicartsOmotivation are related to the
likelihood of areferral These measiresinclude a work ethic index that summarzesarswersto quegions
about applicarts()attitude toward work; a lack of confidence index that measires the extent which a
person believes external forces detemmine career succes; and an efficacy index that summarizes an
individualOsahility to follow through on plars ard is an indicaor of a personOsoriertation toward to

future.

Johnson et al. (1985) find that these mativation measiresaswell asother variadesindicating the
intersity of an individual®sjob search prior to applying to the ES are significartly related to the
probahility of receving a referral. If these motivation measures also predct an individualOssubsequert
succes in the labor market, failure to account for them in their aralysis of the impactof a referral will
realt in biased esimatesof the impactof ES referrals on eanings or unemploymert durations. Because

Johnson et. al. hadthese measiresthey could account for themin their aralysis.
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Johnson et al.Osfinding regardng the role of motivation indexes in explaining recept of ES
senvicesis potertially a concernto evaluators who rely on administrative data to evaluate the ES. Thes
mativation measiresare familiar to social psychologists, but they are rarely available to ecanomists ard
statisticians who evaluate employmert and training programs They certainly are not available on arny
administrative database. Failure to account for them using a cross sectional linear control function could
introduce signifi cart biasesinto the evaluation.

Alterratively, if these Omrmally unmeasiredOcharacteristics areessertially fixed atributesof an
individual (or change in linear fashion though time), then evaluators that use longitudinal data can
accaunt implicitly for such measiresin their studies However, if the experience of a job loss altersthese
measires it is diffi cult to seehow studiesof the ES can accaunt for these apparertly importart influences
on referral rateswithout using an experimertal desgn, or relying on a Omtural experimentOsuch asthat
proposed by Jacdoson and Petta (2000; 2001).

The secand component of Johnson et al.Osearch for eviderce of seleciion biasin their egimates
of the impactof ES referrals adopts the approachof OlackcagingOproposed by Asherfelter (1978; 1979)
in his seminal study of the 1964 MDTA cohort. Asherfelter observed that when evaluators have
longitudinal data they cannot only egimate the impactof training programson individualsGpost-program
earrings, but they canalso egimat their impact on individualsOpre-program earrings. The significarce
of this exercise is that if we are to believe that the studyOsegimated post-program impacts are credble,
whether an ES applicart received areferral should not predct their earrings prior to applying to the ES or
their prior contacts with the ES and the unemployment insurarce system This Opecificaion tesOhas
beenusedin mary studiesof U.S. emdoymernt and training programs(Bassi, 1983, 1984; Heckmanand
Hotz, 1989). Thereaults of thisted areneither necessary nor suffi ciert for determining whether edimates
of labor market programs are biased. But failure to pass this teg raises quedions about the studyOs
statistical model of the relationship betweenthe PLX and the outcomesstudied and asa consequence the
credbility of thereaults.

Jacdbson ard PetaOstudy of Washington State Ul claimarts illustratesthe diffi culty of obtaining
unbiased egimates of the impact of the PLX on weeks of unemploymert in non-experimental settings
when evaluators only have administrative data at their disposal. As shown by the first row of Tabe 3,
individuals who were referred but not placed spert 0.2 additional weeks unemgdoyed than did Ul
claimarts who werenot referred to a job opening. In the third column of the table, we seethat after the

auhorsOregession adusted this difference to accaint for a wide array of background charecteristics,
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individuals who were referred but not placed spert about 2.1 fewer weeks unemgdoyed than did Ul
claimarts who were not referred As shown by the notesto Talble 3, these background charactristics
include individualsOearrings during the two yearsprior to their Ul claim ard their schooling attainmert.
The reault of this adustmert indicates that ES users who received referrak but were not placedwere
prone to longer unemgdoymert spells than other Ul claimarts. The adustmert reduced the diff ererce
(mack it more negative) so that ES userswho werereferredbut not placedmust have charactristics that

areassociated with longer spells of unemploymert thando Ul claimarts who do not receive areferral.
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Table 3. Diff ererce Between Weeks of Unemploymert betweenES users and Non Users, from
Washington State 1987-1995

Parel A: Weeks of Unemgdoymert Relative to Non-ES users

Unadusted Differences Regession Adjusted Diff ererces
Referred Referred
not placed Placed not placed Placed
All Referrakto Ul Claimarts 0.21 -12.3 -21 -9.9
Referrabin Week1 0.85 -71 -2.0 -5.6
Referrakin Weeks 2-9 0.93 -9.8 -2.3 -8.4
Referrakin Weeks 10-13 -1.0 -154 -24 -12.4
Referrakin Weeks 14-18 -1.7 -15.6 -2.2 -11.9
Referrakin Weeks 19-26 -1.7 -16.6 -14 -12.2

Parel B: Weels of Insured Unemploymert Relative to Non-ES users

Unadusted Differences Regession Adjusted Diff ererces
Referred Referred
not placed Placed not placed Placed
All Referrakto Ul Claimants 1.0 -51 -0.2 -4.2
Referrabin Week1 0.3 -4.0 13 -3.0
Referrakin Weeks 2-9 1.7 -5.3 0.2 -4.5
Referrakin Weeks 10-13 0.3 -5.8 -0.6 -4.8
Referrakin Weeks 14-18 0.5 -54 -0.3 -4.2
Referrakin Weeks 19-26 0.9 -4.5 04 -3.5

Notes: Source Jacobson and Petta (2000), pp. 4 - 10 and 4-13, Tables 4-2 and 4-3. Analysis of weeks of unemployment based on a sample of
administrative records for 328,815 unemployment insurance claimants in Washington State between 1987 and 1995. Standard errors for the
regression-adjusted differences are gpproximately 0.2 for the referred but not placed category and 0.3 for the placed category. Independent
variables included in the analysis are age, race, gender, years of schooling, prior job tenure, amount of maximum weekly benefit, earnings one
year prior to spells of unemployment, earnings in the 2nd year prior to unemployment, year and quarter, whether or not the individual was
classified as a displaced worker, whether the individual was receiving public assistance or food stamps, prior industry, office at which the
individual filed Ul claim, local labor market conditions, and prior employment history.

The purpose of the regession adustmert in JacdsonOsard PetaOsstudy is to control for
selection by Ul claimartsin their use of PLX services To the extert that the proces that determineswho
amag Ul claimarts receivesreferrals can be explained by this array of background charactristics, the
edimatesin column 3 of the tabe would reficate those from an experimertal evaluation. In this casg, we
would interpret the differerce of 2.1 weels asthe impactof a referral that did not leadto a placanert on
weeks of unemdoymert. Thisimpactwould be strong evidencethat referrals arevaluabe evenif they do

not leadto ajob placemert.

Anocther interpretation of the difference betweenthe results in codumn 1 and column 3 of Tabe 3

is that the egimat that referrals, which did not lead to placenerts, reduced time unemgdoyed by 2.1
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weeks is biased If the background characteristics have such a large impact on the difference betweenthe
refered but not placedand the non-referredgroups, then it seemsplausible that thereexist other personal
characteristics that also would further change the ad usted difference in weeks of unemgoymert shown in
column 3. If the non-ES usersreally were like an experimertal control group, thenthe rich set of controls
used by Jacdoson and Peta would not have significartly altered the edimated differerce shown in
column 1. The point of controlling for differencesin background charactristics is to control for the
selecion proces that leads to PLX referrals. But absert further data and aralysis, it is not possible to
know with much confidence whether the 2.1 week difference reported in column 3 largely reflects the
impact of areferral or is the reault of unobserved differencesbetweenthe charactristics of Ul claimarts

who werereferred, but not placed and Ul claimarts who receivedno PLX services

The same issues arise when we attemgt to interpret the reaults reported in columns 2 and 4 of
Table 3. As shown by the first row of coumn 2, Ul claimarts who were placed by the ES were
unemgdoyed on average 12.2 fewer weeks than Ul claimarts who did not receive a referral. When
Jacdbson ard Peta regression adusted this difference by accounting for all the variadeslisted in the
notesto Tale 3, they found that this differencefell to 9.9 weeks. This change indicatesthat Ul claimarts
who were placedhad charactristics that made themmore likely to find a job thanthe typical Ul claimart.
Again, the key quegion for this evaluation is whether there exist other unobserved charactristics that
would further reducethis gap?

Notice that when Jacdoson and Petta compared Ul claimarts who were placedto Ul claimarts
who were not referred the selecion proces operatd in the opposite direcion as how the selection
proces operaed when they compared referrak who were not placedto Ul claimarts. Ul claimarts who
received ES referrak were Omgatively seleciedOfrom the pool of Ul claimarts, but ES users who were
placedwere Opsitively selecedOboth from the pool of ES usersand from the pool of Ul claimarts. This
difference in selection indicatesthat the proces whereby emgoyershire Ul claimarts referredto themby
the ES is not random. Further, it is not clear that the statistical model that accaunts for selecion when
comparing Ul claimarts who receive referrals to other Ul claimarts would be the same asthe one that

accaunts for selecion when comparing Ul claimarts who areplacedand other Ul claimarts.’

The figuresin Parel A of Tale 3 provide some evidence of the diff ering role of selection for two
groups of ES users: (1) Ul claimarts who were referred but not placedand (2) Ul claimarts who were
placed First, notice that for the ES userswho were referred but not placed the regession adustmert is

less importart the more weeks the individual is unemgdoyed This reailt makes serse because it says
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amag Ul claimarts who are unemgdoyed more than 19 weels, individual characeristics are not highly
correlated with whether anindividual subsequertly receved a referral that did not leadto a placenert.
Instead the individual characteristics must have more to do with explaining how long anindividual was
likely to have beenunemgdoyed (or how long an individual waslikely to have receved unemployment
insurarce berefits). By contrag, for the group of Ul claimarts who were placed the difference between
the unadusted and regession adusted differencesin weeks of unemgdoymert rises with the number of
weeks ES regstrants had beenunemgdoyed Among the set of Ul claimarts who were still unemgdoyed
after 19 weeks, the observedindividual charactristicslistedin Tabe 3 do a better job pred cting who was

placedthanpred cting who wasreferred, but not placed

Tableda. Numberof Referrals and Placements by Weeks of Unemploymert: Washington State

Number of Ul Number
Referrak Made Claimarts at Number of % Referals of ES %
During WeeK?s): Startof Paiod ESRefarals of Claimarts Placamerts Placemerts

(1) Week 1 328,815 7,497 2.3% 855 0.3%
(2) Weeks 2-9 292,677 13,492 4.6% 4,683 1.6%
(3) Weeks 10-13 169,028 4,665 2.8% 1,302 0.8%
(4) Weeks 14-18 133,465 4,524 3.4% 1,228 0.9%
(5) Weeks 19-26 98,111 4,866 5.0% 1,452 1.5%
Before 10 Weels:

Rows (1)+(2) 328,815 20,989 6.3% 5,538 1.7%
After 10 Weels:

Rows (3)-(5) 169,028 14,055 8.3% 3,982 2.3%

Notes: Data cover the period from 1987 through 1995. Source: Jacobson and Petta (2000), p.4-10, Table 4-2 and calculations by the author.

Table4b.  Number of ES Referrals and Placemerts by Weeks of Unemploymert: Oregon

Number of Ul Number
Referrak Made Claimarts at Number of % Referals of ES %
During WeeK?s): Startof Paiod ESReferrals of Claimarts Placamerts Placemerts

(1) Week 1 139,280 4,039 2.9% 553 0.4%
(2) Weeks 2-9 115,625 13,875 12.0% 3,122 2.7%
(3) Weeks 10-13 59,286 2,727 4.6% 474 0.8%
(4) Weeks 14-18 45,535 1,912 4.2% 319 0.7%
(5) Weeks 19-26 33,192 1,826 5.5% 332 1.0%
Before 10 Weels:

Rows (1)+(2) 139,280 17,914 12.9% 3,675 2.6%
After 10 Weels:

Rows (3)-(5) 59,286 6,465 10.9% 1,125 1.9%

Notes: Dataare for 1995. Source: Jacobson and Petta (2000), p.5-6, Table 5-1 and calculations by the author.
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Among Ul claimarts who have beenunemployed for a similar number of weeks, Jacdison ard
Peta do not allow for a differert selection process for those who receved referrals, but were not placed
ard those who were placed By contrad, their Oilnear control functionO egdimabr, allows for the
possibility that the selecion proces differs depending on how long a Ul claimart hasbeenunemgdoyed.
A key assumption in their analysis is that holding constart (1) the (category of the) number of weelks a Ul
claimart had beenunemployedand (2) individualsCbadkground characeristics, individuals areessertially
randomly assignedto threegroups of Ul claimarts: (A) those who were not refered (B) those who were
refered, but not placed and (C) those who were placed This assumption mears that after holding
individualsOcharaceristics constart, aswell asthe number of prior weeks of unemgoymert, the number
of additional weeks of unemploymert for Ul claimarnts who were refered, but not placed and Ul
claimarts who wereplaced would have beenthe samein the absence of the servicesfrom the PLX. Under
these conditions, we can interpret the figuresin column 4 of Table 3 to be the O@ausalOimpact of ES
placenens on weeks of unemploymert (and on weeks of insured unemgdoyed in the cas of column 4 of
Parel B).

If we interpret the edimatesin columns 3 and 4 of Table 3 asthe OcasalOimpact of ES referrals
that do not leadto placemets (column 3) ard of ES placenens (column 4) on weeks unemgdoymert,
then thes edimates show the heterogereity in the impact of ES referrals. Looking down column 3, we
seethat the impactof areferral that doesnot leadto a placenert doesnot depend very much on how long
a peron has been unemgdoyed A Ul claimant who receives a PLX referral that does not lead to
placenen is unemgdoyed about 2 fewer weelks than their counterparts who do not receive areferral. Only
for spells that have laged more than 19 weeks doesthe apparernt impact of ES referral decline somewhat.
By contrad, the impacts of PLX placemerts appoea to becane much larger for Ul claimarts who have
beenunemployedfor more than 10 weeks thanthey do for Ul claimarts who have beenunemployedonly
for one week

It is importart to know whether the apparent heterogereity in impacts of ES referals ard
placenens reflect the casial relationship betweenthe PLX and weeks of unemdoyment or simply
selecion biasgesthat remahn unaddressed by the non-experimertal evaluation. Consider that the reaultsin
JacdsonOsand PetaOstudy sugges that SESAs should consider concertrating their PLX activities on
claimarts who have beenunemgdoyed for more than 10 weels. (Altermatively, the reaults sugged that the
PLX should concertrate its serviceson individuals whose profiles predct they will be unemgdoyed for
more than 10 weeks.) As shown by Tale 4, this policy recanmerdation would require a significart

change in the digtribution of referrab and placemets amang the ES applicarts who are Ul claimarts.
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During the period studied by Jacdison and Peta in Washington and Oregon, the majority of referrals and
placenens wen to Ul claimarts who had beenunemployed for 10 or fewer weeks. Whether this is the
correctinfererce to draw from these data depends on whether we believe the edimaespresrntedin Tabe

2 areunbiased

As discussed above, in addition to using convertional non-experimertal metods, Jacdoson and
Peta (2000) also used a Oratural experimentOto evaluate the PLX. However their analysis does not
provide sufficient informaion to assess their conjecture that this desgn addresses the problem of
selecion bias in evaluations of the ES. In principle, the availahility of administrative data allows
evaluators to assess the merits of this desgn. To provide evidernce that this desgn could regicatke the
reaults of a true experimert, it is importart to first compare the basline characteristics, the history of
prior emdoymert and earnings, and the history of prior receipt of unemgdoymert insurance of ES clierts
who where referredto jobs that werealread/ filled and ES cliernts who were referredto jobs that werestill
vacar. If therewereno statisticaly mearnngful differencesbetweenthe basline characeristics and prior
historiesof the two groups, this would provide evidence that supports the contertion that JaccbsonOsand
PetaOglesgn constitutes a natural experimert. As discussed above, an aralysis like this is found in

Johnson et al. (1985)Osational evaluation of the ES.

In addition to comparing the ES usersin both referral groups, it also is importart to examine the
differences in the attributes of jobs to which individuals in these groups have been referred If the
Jacdison and Peta desgn constitutes a plausible natural experimert, we expect to find little difference
between the attributes of jobs that were referred to the ES users who received referrals to jobs that were
alread/ filled and the attributes of jobs that were referred to the ES users who received referrals to jobs
that were still vacan. The concern that motivatesthis comparison of job attributesis that the typesof jobs
that arefilled by the time an ES user receivesa referral might be differert from the typesof jobs that are
still vacart when an ES user receives a referral. Since the function of the PLX is to maich a workerOs
characteristics to ajobf)sattributes such differencesalso would be indirect evidence that the individuals
who receve referrals to jobs that are already filled are systemaically differert from individuals who
receve referals to jobs that are still vacan. This evidence would undermine the contertion that
JacdsonOsand PettaOslesgn constitutes a natural experimert. Nonetheless, the importart point to note

hereis that the underlying assumptions of this desgn canbe teged using availale administrative data.

Although, Jacdbson and Peta (2000) do not provide direct evidence whether there is selection

associated with their dedgn, they do provide some indirect evidence of moded selecion between Ul
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claimarts who were interviewed after being referred and Ul claimarts who tried to obtain aninterview,
but failed The mean difference between the weeks of unemgdoymert among these two groups is about
3.1 weeks. After the authors regression adust this difference using the linear control function edimatr
de<cribed above, the diff ererce falls by about 0.6 weeks to 2.5. weeks. (Thes figuresare based on the
auhorOgalculations using Jacdson and Peta (2000), Tabes3-5, 3-6, and 3-7.) The authors use arich
set of control variades comprised of nealy 200 personal and job related charactristics, including
informaion on whether the individual used other job searchchamels. This 0.6 weeks difference between
the two groupsOweels of unemploymert is small relative to the likely stardarderrars. But this difference
is not small relative to convertional egimatesof the impactof an ES referral on weelks of unemploymert.
(SeeTabe 3a,coumn 3.) Accadingly, one way to interpret this modes 0.6 weeks difference in weelks of
unemdoymert between the two egimates is that ES users who obtain referals and interviews are
modegly better job cardidates than ES users who recewe referrals but try and fail to obtain a job
interview.

Jacdhson and Peta demonstrate that their OmturalOexperimertal dedgn is feasble ard it may
substartially reduce sourcesof selecion bias found in convertional evaluations of the PLX. But their
dedgn clearly warrarts more resarch egecially resarchthat uses a larger and more represrtative
samgde of referrak than was possible to obtain from the mail survey used in their study. In order to
implemen JacdsonOsand PetaOslesgn, researcters recuire additional information about what trarspires
after ES users receive their referals. This information is unavailabe from administratve sources
Therefore, evaluators must obtain this information from a survey. However, the regonse rate to
JacdsonOsard PetaOsnail survey of Washington State ES userswas approximatly 19 percert. But this
regponse rate cost less than $20 per regonse to achieve. An aralysis of the PLX using this natural
experiment desgn and survey data with a regonse rate (of usale regonses above 80 percent would
yield a more credble assessmert of JacchsonOsand PettaOsipproach  From such an aralysis, we would
expect the samgde of survey regponsesto be nearly represertative of the population of referrab and the
stardard errors associated with the edimated impacts to fall by more than one-half relative to those
reported in JacdsonOsand PetaOsstudy. Given the cost of the operaing the ES, the relatively few
evaluations of its impacts, the well-known problems associated with non-experimertal desgns, and the
promise associated with this natural experimert, additional expenditureson collecing appropriate data to
implemert the Jacdoson and Pettadesgn are justified
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C. Estimating the Impact of ES Services Using Instrumental Variables

The method of instrumertal variabes (1V) has become widely used in mary applications in
emgrical labor ecanomics as a way of addressing the familiar selecion problem (Angrist and Kruegar,
1999). Although its merits for the non-experimental evaluation of emdoymert and training programswas
acknowledged some time ago, relatively few studies have used this approach to idertify the impact of
training (Heckman and Robb 1985a; 1985b; Lal.onde 1986). Those studiesthat do use it have done so
recertly to exterd the reaults of experimertal evaluations. IV methods are well suited to experimertal
settings in which some members of the treamert group do not receve the senvice being teged in the
study or some memtersof the control group receive the service being teged In this subsecton, we show
how this approach could be used more often in evaluations of ES services We illustrate its use by
applying the findings from Walter CorsonOsand Walter NicholsonOsEvaluation of the Charlegon
Claimart Placement and Work Ted Demonstration.

The IV approachis a natural one to use when individuals sort themslvesinto ES servicesbhased
on attributesthat are unobserved to the aralyst. The advartage of this approachamag non-experimertal
methods is that it requires minimal assumptions and in particular it requires little knowledge of the
process that OcasesOsome ES regstrarts to receive a referal or some other ES service. As explainedin
ecaometics textbooks, a good instrumertal variabe is one that determines participation in or recept of
anES senice, but is uncorrelated with individuals©unobserved characristics that determine the outcome
of interes. Good OnstrumertsOarevariabesthat arenot determinarts of the outcomesof interes such as
weeks of unemploymert or earrings, but at the same time help GexplainOwhom among the population of

ES applicarts recevesareferral or placemert.

The disadvartage of the IV approachis that it is very sersitive to the commaon assumption in
program evaluations that requiresthe impact of a particular ES service to be the samefor all recipierts.
To make this point more concrete consider the example in which program evaluators use the distance
between a peronOsresdernce and an ES offi ce or Ome-stopOcerter as an instrumertal variable. This
variable would be an appropriate OnstrumentQif the effects of distance to an ES offi ce or a Ome-stopO
certer on, say, eanings operat through the proces that leads some ES applicarts to receve referrals. It
would not be a good OnstrumentOif distarce to the ES offi ce also were related directly to the likelihood

of finding agood job..
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The problem that arises in the IV approach when the effects of ES services differ among
individualsis thatif we observe ES participarts who reside far away from the ES office using ES services
we expect that they must articipate receiving a larger than average gain from thes services Those who
live farther away experiernce a higher cost of participating in JSA workshops or reviewing ES job listings.
Consequertly, we expect that these individuals would not OpmrtcipateOunless they expected that these
higher costs would be offset by larger than average gains from these services By contrag, for participarts
who redde close to the ES office or Ome-stopOcerter, we expect their earnings gains from ES servicesto
be on average smaller. As a reallt, given that we know whether an unemployed regstrart receives
senvices their subsequert earrings also would depend on how far away they live from ES office. This
relation holds both for ES OprticipartsOand non-participarts and violatesthe key assumption underlying
the |V approach

CorsonOsand NicholsonOsevaluation comesasclose as ary study to an experimertal evaluation
of PLX services In this demmstration analysts compared outcomesfor four typesof Ul claimarts. Those
who received the convertional servicesfor Ul berefit recipierts constituted to control group. Other Ul

recipierts were randomly assignedinto threetreaiment groups:

A. Those who received a stricter Qvork-tegOrequiremert;

B. Those who received the stricter Quvork-tegO requiremert and who officials atemped to
provide a placemert through job referrals or provide Opb developmert;Oand

C. Those who received all services in treamernt (B) and who were voluntarily invited to
participate in the job seaich assistance workshop.

This dedgn camot provide a direct edimate of the impact of an ES job referral. Instead
comparisons between the mean outcomes of individuals from treamert groups (B) ard (A) provide a
measire of the impactof anattemp at providing a job referral. Comparisons between(C) and (A) provide
a measre of the impact of an attemp at providing a job referal plus an offer to participate in a JSA
workshop. In both comparisons, not every assignee in Group B receved a referral. Further, some
assigneesin (A) also receivedajob referral. Because acces to the ESis anertitlemert, officials could not

prevert regstrantsin Group A from receving this service.
However the method of instrumertal variabes indicates how the experimental desgn could be

used to aobtain a non-experimertal egimate of the impact of a job referral on earnings. When offi cials

randomly assigned Ul claimarts from the Charlegon areato one of three treamert groups or to the
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control group they creaked a new characeristic for each person: whether the individual was ranrdomly
assignedto one of the treatmert groups or to the control group. By construction this variade should not
be correlated with the unobserved determinarts of any outcome, such as earrings, but by design this
charecteristic affecs the likelihood that a person receivesa job referral Therefore, knowing whether an
individual was randomly assigned into either treamert group A or B is potertially a good instrumertal
variable.

Although they did not explicitly explore using the method of instrumertal variadesin their study,
CorsonOsard NicholsonOgeallts allow us to construct animprecise OV edimateOof the impact of job
referrals on earrings. They found that the difference between the percertage of treatmertsin Group B and
the perceriage of treamerts in Group A that received a job referral was 6.6 percerntage points (Corson
and Nicholson, 1985,p. 40). This differenceindicatesthat being assignedto the treament Group B instead
of Group A increagd the likelihood that a person would receive a job referral by 6.6 perceriage points.
The IV edimate of the impactof job referrals takesaccount that the treament only changed the receipt of
ajob referralfor arelatively few persons. The simpled egimate dividesthe experimertal impactof Group
B relative to Group A on earnings by this perceriage. In the Corson and Nicholson study, individuals in
treatmert Group B earred about $539 more during the six months following the start of start of the study
than individuals in treamert Group A. (See Corson ard Nicholson, 1985, p. 57 ard the authorOs
calculations. Dollar figuresareadustedto currert dollars). Therefae, the IV edimate of the impactof job
referrals on earrings after six months is $8,167 (or $539 divided by 0.066).

As we show below, the foregoing impactis large by the standards of impacts reportedin the emdoymert
and training literaure. But thereare good rea®ns to not put much weight on this egimate. The egimate
was done for illustrative purposes and ignores several importart issues First, the Corson and Nicholson
study doesnot report suffi ciert information on the standard errars to be abe to compute the stardard errar
and confidence interval associated with this edimate. A more importart rea®n not to put too much
weight on the foregoing IV edimat is that individuas who were assigned to treamert group B were
much more likely to receive an atemp at Opb developmertOthan individuals in treamert group A. The
differerce between the percertages of the Group B and A members who received Opb developmertO
attemps was 30.8 percertage points. The OV egimaieOpreserted above assumesthat these efforts had no
impacton earrings. This assumption is too strong. As areault, the foregoing IV edimate of the impact of
job refermals is surely too large. Altermatively, if we asumed that the job referrals had no impact on

earrings, the OV egimaeOof the impact of the Opb developmertOattemps on individualsDearrings
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(during the first 6 months) is aporoximately $1,750 (or $539 divided by 0.308). As we show below this

edimateislarger but not inconsistert with impacts reported other studiesof employmert services

D. Feasible Longitudinal Estimators of the Impact of ES Services Based on Administrative Records

Studiesof the ES have not exploited the possibility that evaluators can construct large databases
that contain mary quarters of prior and post-referral earnings information for eachindividual. As more
auhority over the ES dewolved to the states variation in services and emphass have beenbound to
emege. Evaluations of thes services based on survey data can be expersive. Here we propose a
statistical model that makes the maost of availabe state-level administrative data to perform a non-
experimertal evaluation of a stateOES senvices The approach discussed here exploits the longitudinal
structure of these data and extends the model developed by Jacdoson, Lalonde, and Sulivan (2001) to
edimate the impact community college schooling on the earrings of displaced.This model cantake into
accaint fixed unobserved characeristics of individuas that affect whether individuals receve a PLX
referral In principle, it caneventake in to accant fixed unobserved charactristics of emgdoyerswho list

vacartieswith the ES. (This point is not discussedexplicitly below.)

To begn we focus on statistical model of quarterly earrings from administrative recads. We

consider the following model of earrings:
Dyie=Xif +0i(s,2z )+t (li,z) +oi +ye+ i

According to (1), workereanings, yi; , deperd on observed characeristics that vary with time; the
circumsgtances surrounding their job loss 8y (s , z ); whether they received a referral, t: (i , z);
unobserved individual fixed-effects;, time effects; and time varying unobserved charactristics
charecterized by anindependent and idertically distributed disturbance. The term z dernotesa vecbor of
individual characeristics. In (1) the consequencesof job loss and the impact of a referralare allowed to

vary among individuals.

In this model, the fixed effects account for unobserved or unmeasired attributes that do not
change through time. Examples include parertsOeducaion and the ES applicart working during high
school. If the longitudinal data includes enough informaion on earrings prior to the referral this model

can be exterded to include allow for individual specific rates of earnings growth. (This extersion is
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sometimesreferredto asthe Oradom growth model,OHeckman and Hotz, 1989). Therefore, in this model
it is possible to accaint for the possibility that those who receved referrals have inherertly lower
earnngs than those who did not receive a referral. But it also is possible to take into accaunt that those
who receved areferral have inherertly slower (faster) growing earrings than their counterparts who did
not recewve a referral. If the unmeasired individual atributes capured by the fixed and random growth

effects determine who receivesareferal, thenthis model accounts Oslecion.O

Previous research has documerted the temporal pattem of the impact of losing a job on Oligh-
terureOworkerearrings (Jacobson, LalLonde, and Sulivan 1993). The eanings of these dislocated
workers terd to decline during the period prior to displacenent; drop shargy following the quarter of
their job loss; and thenrise relatively rapdly during the next few quarters before increasng at a slower
rate in subsequent periods. It may be importart to acount for the effects of job loss in an evaluation of
the PLX, because these effects may be associated with the length of individualsOspells of unemgdoymert
and whether they receve areferral or some other ES service. Accadingly, eanings should deperd on the
time since (or until) the date of their job loss, s. We define the impact on earnings during quarter t of
being displacedfrom a job during period s asfollows: 6;; (S, z ) = &;.s = 0k , Wherek =t - 5. Letting DX
=1 if workeri wasdisplacedattimet - k, we canwrite the dislocaion effectasdi (s ,z ) =2 &« DX, .
This model canbe modified to allow for the possibility that these displacemen effects vary by workers)

charecteristics, including the industry of their formeremployer.

The most importart part of the model is our specificaion of the ““referal effectO&®; (i, z ). We
can model this effect as the coefficient associated with a dummy vaiiade indicaing whether the ES
amlicart receved a referrd where |; is the quarter of the refara and, z is a vedor of workers®
charateristics. We exped that referals should affed individualsOeanings only during quarters after they
receve the refaral. But with longitudinal data, we cantes whether the refaral affeds eanings prior to the
referrd. Depending on how mary quarters of prior eanings informeation availalde, we canconsider how the
OmpadOof the refaral variesduring quarters prior to the quarter, I;., that individuals receved their referrd.
We exped that the statistical modd (1) is likely misspecified if individuals who receved referrds differ
systemaicaly from those who did not for mary quarersprior to applying to the ES.

One advartage of using longitudinal data, with long quarterly eanings historiesis that it is
possible to estimate the tenpord pattem of the impaa of referals. This pattem will vary depending on
whether the primary role of the PLX is to mach workersto higher quaity jobs than they would have

obtained otherwise, to increa® the artival ratesof new offers, or pethaps to persuace ES users that they are
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likdly to recave only offers paying rdatively low wages To capure this tenporal pattem we canestimae a
separae quartely impactof referrals by time since the date of the referrd ;. In some cass, theremight be
enough administrative data to make this approacd feasible. However, a shortcoming of this gpproachis that
the standard errors associated with the estimaesarelikely to be large. A more parsmonious specificaion

allowstheimpaa of areferrd to rise or to fall to somefixedleve overtimeasfollows:
@i (li,z)=w+T [/(t-1;)]. ifl <t

The long-run impact of areferral is givenby to. The impactof the referral during the quarter after
receving thereferal is givenby 1o + 11 . The effect of t; declineswith timethe farther the current quarter
is from the quarter of the referral, |; (i.e. 1/(t - I; ) becanessmall). We canobtain different valuesof t, ard
1, by allowing the impact to vary by characeristics, z, . For example, it might of interes to policy makers
to know how thes impacts of the PLX differ between displacedworkers, and for other unemployed
workerswho have had less attachmert in the workforce. Such information is relatively eay to idertify in
administrative data and is explored in JacchsonOsand PetaOg2000) study of the PLX in Washington
State and Oregon.

Jacdison and Peta have observed that the class of individuals referredby the PLX can be
broken down into several groups: referrals that do not leadto a placemen ard referrals that lead to
placenens constitute the simpled divison. But the group who received referrals not leadng to
placenens canbe further brokendown into the following:

A. Those who did not pursue the referral;

B. Those who sought aninterview and did not obtain one, becase the job wasfilled,

C. Those who sought aninterview and did not obtain one, eventhough the job wasvacart;

D. Those who obtained aninterview but not anoffer; and

E. Those who receivedanoffer, but turnedit down or did not show up for the first day of work.

The model described above canincorporate the foregoing classificaion. As discussed above
Jacdbson and Petta (2001) argue that comparisons between group B and groups C through E plus those
placedprovide the conditions for a Ormtural experiment.OGroup B serves as the control group ard the

remaining groups serve together as the OteamertOgroup. Individuals in group B had the bad luck of
being referred to a job that the ES had not yet taken off its listing. A shortcoming of this approachto
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edimating the impact of areferral is that the informaton requiredto construct group (B) usually cannot
be obtained from administrative data. The advartage of this approach is that becawse of the strong
OdertifyingOassumptions about the circumstancesfollowing the referral, the analysis canbe conducted
as if it were using experimertal data. The advartage of using longitudinal data and the statistical
framework discussed above is that JacdsonOsand PetaOsonjecture about the suitahility of using group
B asa comparison group canbe tesed using earrings informaion prior to individualsOjob loss. Sincethis
informaion is availade from administrative sources resarclersdo not have to collectit using a survey
instrumert. Experierce with the Displaced Workers SurveysO and other research indicakes that
individualsOreports of their prior emdoymert history aretainted by OretospeciveObias Accardingly,
this is an advantage of using administrative data to documert employmernt histories and prior contacis

with the unemdoymernt insurance systemard the ES.



V.IMPACT OF THE PLX AND OTHER EMPLOYMENT PROGRAMS

Comparedto other employmert and training services thereare relatively few evaluations of
the empgoyment serviceO$LX. As a reallt, in this section of the paper, we atempt to place these few
evaluations in the context of other studiesof emdoymert and training policies As we show below, thes
other studies often cover a much differernt population than the one coveredby studiesof the PLX. They
often report considerable heterogenreity in the impacts of thes servicesamong groups and acrcss sites
Finally, it is comman for thes sernvicesto modedly increag amual earnings, at lead in the short term
Increagson the order of $500 per yearare common. Training programswhenthey areeffective gererae
larger gains than other employmert services but there is evidence that JSA may be the most cost-
effective service.

This section is dividedinto four parts. First, we discuss the key findings from the evaluations
of the PLX. Second, we turn to discuss findings from experimertal studiesof other emgdoymert services
targeted toward Ul claimarts. Third, we examine studies of emdoymert and training programs targeted
toward participarts in programs supported by MDTA, CETA, and JTPA. Finally, we briefly examine the
findings from the work-welfare experimerts. Although the servicesteged in thes studies targeted a

differert population than Ul claimarts, the servicesare similarand aswe show below so are the impacts.

A. Studies of the Employment Service’s Public Labor Exchange

A.1 Findingson Participation, Unemgoyment Duration and Earnings

Studies of the PLX report three main findings. These reaults are summarizedin Tabe 5.
First, individuals who receive ES referrals tend to be less skilled than those who never receive areferral.
This reault occus becawse use of the PLX risesasthe duration of unemgdoymert rises Individuals who
have been unemployed for a long time are generaly less skilled than those prone to short spells of
unemgdoymert. This reallt is consistert with the theary underlying the ecanomics of job searchand the
PLX. Individuals with fewer options, who are relatively poor job searclers would be more likely to
berefit from a PLX. Therefae, we expect that they would OprticipateOat higher rates than other ES
amlicarts. Further, because they have fewer options ard are unlikely to find a job through other search

chamels, it is more likely that society also benefits from providing PLX servicesto this population.
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Tadeb.

Summary of Findings From Studiesof the Employmert Savice

Author/Study Sampe/Date Sunmmary of Findings
Katz (1978) BLS Job FindersSuvey 1972  27% of unemployedregster with ES. Use of
ESrisesasduration of unemploymert rises
Katz and Jacdoson Pemsylvania CWBH ard 20% ES regstransreceve referral (definedas
(1993) ESARS data. Ul Bereficiaries anES user). ES usersless skilledthannon-ES

Johnson, Dickinson
and Weg (1983;
1985) The National
Evaluation Impact of
the U.S. Employmernt
Senice

Corson etal. (1985),
Charlegon Claimart
Placemert and Work
Regstration
Demonstration

Jacdson and Peta
(2000), PLX

Perfamance Measires

Validation Project

3+ yearsprior work
experience, 1979-1987

Nationally representative

samgde of ES applicarts who

were not likely emdoyed

Suvey ard ESARS recads,
July 1980 through May 1981

Ul claimartsreceiving first
paymert betweenFekruary
and December 1983, except

those whose employers

expectedto recall.

a. 1998 Mail survey of

former Washington State

ES userswith 20%

regonse rate.

b. CWBH for Washington

State, 1987-1995

c. CWBH for Oregon, 1995

users Controlling for weeks unemployed ES
usersjobless for fewer weeks, eecially after
long spells

30% receive referral; 2/3 during first month.
Motivational meaares information not
available on administrative records, most highly
correlated with receipt of areferral. 9% of
amlicarts areplaced6-month impact of referral:
Increagdearnings and hours and reducedweels
of joblessness for womenand menover 45, but
not other men No impacton hourly wages 6-
month earnings impactfor womenis $325 ard
for menover 45is $670 (1981%).

Stricter enforcement of work teg, enhanced ES
placenen services and JSA workshops.

Find 33% of those referredbut not placedtried
unsuccesfully to obtain aninterview. 28%
refereddid not try to obtain aninterview.

Regession adusted weelks unemployedare7.7
weeks less for placed comparedto referredbut
not placed 2.1 weels less for referred but not
placedcomparedto those not referred Impact
on insuredunemgdoymert are4.1 and 0.2
weeks, regpecively.

Regession adusted weelks unemployed are4.6
weeks less for placed comparedto referredbut
not placed 1.1 weels less for referred but not
placedcomparedto those not referred Impact
on insuredunemgdoymert are 3.0 and 0.7
weeks, regecively.

Note: CWBH. ESARS is Employment Service Automated Reporting System
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Secad, the edimatd impacts of receiving a referml on the duration of subsequent
unemgdoymert are larger for those who have beenunemployedfor long timewhenthey receve areferral,
than they are for individuals who receive a referral after being unemgoyed for a relatively short time.
This secand finding is related to the first finding. It appearsthat receiving a referral early in a spell of
unemgdoymert is less valuale thanreceiving it later. Part of the reason for thisis likely the heterageneity
in the population of unemgdoyed persons. Among individuals who have been unemployed the same
amaunt of time early in a spell of unemploymert are productive job seachers As the spell of
unemgdoymert gets longer, the remaining unemgoyed persons are either very unlucky or more likely
unproductive jobseelers If the PLX producesthe largeg berefits for the leas productive searchers we
would expectthe impacts to be larger later in anunemdoymert spell whenthe recipierts of a referralare

disproportionately unproductive searcters

The third finding from these ES evaluations is that thereis little available evidence on the impact
of the PLX on earnings. In the secion on emgrical metodology, we discussed that this shortcoming
could be addressed with the availade administrative data. The national evaluation reported impact of a
referral on womerOsearrings of about $1,000 during the first 6 months after applying to the ES, for men
over 45 of about $500 and for younger men no impact on earrings (Johnson et al.1985). As we show
below, thes impacts arein line with findings from studies of the impact of emdoymernt and training
programs although thes edimatestend to be on high end of the range of edimaites reported for these

typesof programs

The discussion above on the ecaiomics of job seach and PLX servicesindicaked that there
should be some heteragereity in the impact of the PLX amag ES applicarts. The stardard errars from
the national evaluation are too large to distinguish mary differencesin the impact of the PLX amag
different demographic groups. Administrative affords greatr opportunity than survey data to tes for
differencesin the impacts of the PLX among groups, but often these data contain a relatively limited set

of demographic charactristics.

The foregoing findings sugged that the PLX may help individuals who are harder to emgdoy on
average. Womenand older men appear to berefit. Other mendo not. Measiresof program performarce
should at the very leas be adusted to accaunt for this possibility. This adustmert hasa bads both in
theay and in the limited empirical work that addresses this issue. As we show below, this limited

evidernce contrags with the more abundant eviderce on other emdoymert initiatives An important
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evaluation quedion is how effective are the reources spernt on the PLX compared with those spert on

otheremploymert services?

A.2 Impact of Placements v. Referrals

Jacdison and Peta (2001) propose a straightforward way of using information on the impact of
an ES referral (or the impact of a referral that leads to an interview) to egimate the impact of an ES
placenent. They argue thatif we assume that referrals have no value whena participart is not placeal then
it is straightforward to infer the impact of the placemert. (This approachis found in the literatre on
experimertal evaluations of emdoymert and training and of work-welfare programs, Heckman LalL onde,
and Smith, 1999.) Their idea is that by construction the impact of a referral equals the impact of the
referral on those who were placed timesthe faction of referrak who were placed plus the impact of a
referral on those who not placed timesthe fraction of referrak who did not receive a placemernt. More

formally thisrelationship is asfollows:

8 =PR & + (R-P)/R O™

The term &' is the impact of an ES referral, 8° is the impactof an ES placement, and 8™ is the impact of a
referral that does not leadto a placanert. P is the number of persons placedand R is the number of
referrals. The expression says that the impact of a referral is a weighted average of the impact of a

placenen and of the impactof areferral that doesnot |eadto a placemert.

If it is possible to edimate the impact of areferral, it is then possible to edimat the impact of a
placenert. Aslong asreferrals that do not leadto placemets have no impact, i.e. 8™ = 0, thenthe impact

of aplacemert isgivenby:

= R/IPY
The impact of a placemert is the impact of a referral divided by the fraction of referals leadng to
placenens. As discussed above, recert Departmert of Labor statisticsindicate that SESAs placeabout 25

percen of unemployed users who receive referrals and about 20 percert of Ul claimarts who receive
referals (USDOL, 2002). Thes statistics indicate that for the nation asa whole a rough edimat of P/R
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for Ul claimarts is 0.20 and for all unemgdoyed ES clients, 0.25. Therefore the following expression

relatesthe impactof ES referrals for Ul claimarts to the impact of ES placemerts:
Impactof Placement = (Impact of Referral/0.20) = 5* (Impactof Referral).

Under the assumption that ES referrals that do not lead to a placemert have no impact the impactof an
ES placemert for a Ul claimart is about 5 timesthe impact of a referral. By extension, the impact of a

placenen for the population of all unemgdoyed ES usersis about 4 times the impactof areferal.

If referrals not leadng to placemets are valualbe to workers then the foregoing relationships
overdates the impact of an ES placanert. Referrals that do not leadto placemets may be valuabe
becatse job seelers lean about new emgdoymert opportunities or acalire experience interviewing for
jobs. To seethe differernce that relaxing our assumption about the impact of referals that do not leadto
placenens might make to edimates of the impact of an ES placemert, consider the following example.
Suppose we believedthat the impactof areferral leadng to a placemenwasabout threetimeslarger than
the impact of a referral not leadng to a placemert. Since 8° = 3*6™, the expression above can be written

asfollows:
8" =PR & + (R-P)R (1/3) 8" = & {PRR + (1/3)* (R-P)RR}

Therefore, under the assumption that a referral that does not leadto a placemenis worth only one-third as
much asa referral that leads to a placemeh the relationship betweenthe impact of a placemehand the

impactof areferral becanes
Impactof Placement = (Impact of Referral/0.46).

Under thes assumptions, the edimatedimpactof anES placenert is now only about twice aslarge asthe
edimated impact of an ES referral. This example servesto underscore the point that underganding the
value of ES referrals that do not leadto placanerts has important consequencesfor our underganding of

the value of ES referrals and placements.

Our discussion of the economics of job search and the PLX suggeded that it would be
unrea®nable to assume that referrals that do not leadto placenerts have no value. Therefae, the first of
the foregoing formulaswould constitute an Opper boundOon the impactof an ES placemert. The secand

formula may constitute a more reasonale edimate of the effect of a placanen, givena credble egdimate
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of the effect of an ES referral. To illustrate what difference this might make to our interpretation of
existing studies consider the earrings impacts reported in the national evaluation of the ES by Johnson et
al. (1985). Using the secand of the foregoing formulas we edimat that an ES placement increased
earrings by about $2,000 for women and by about $1,000 for men over 45 during the six months
following their application to ES. (Unless stated otherwise, we have converted impactedimatesto currert
dollars) But, if the referrals that did not leadto placemerts had no impact on earnings, these impacts

could have beenaslarge as$3,000 and $2,000, regoectively.

In JacdhsonOsard PetaO$2000) natural experimert, they do not egimat the impactof a referral
but instead edimate the impact of a referral that leads to an interview. (See Jacdison and Pdta (2000),
Table 3-5, column 3, and Table 3-7). If the only rea®n that ES userswho receie referrals do not obtain
interviews is becawse the job was already filled and if such referrals have no impact on individuals job
search then they can egimat the impact of a referral than leads to an interview. The impact of a
placenen follows aslong asthey assume that interviews that do not leadto a placemehhave no effect
on anindividual®gob search Two quegions should to be further exploredin extersions of their aralysis.
The first quedion is how often do individuals who fail to obtain interviews fail becawse of some pre-
screening by the emgoyer rather than becase the job wasalready filled? Secand, in practice some pegple
who receive referrals do not even try to obtain an interview (Jacobson and Peta, (2000), Tabe 3-5,
column 1). It is appropriate to discardthes individuals from the aralysis only if this decision is virtually
random. Othemwise, this decision either need to be formally modeled or this group needs to be included
in the samde and the quegion of interes becomesthe impactof areferralto a vacar job rather than the

impactof areferral thatleads to aninterview.

B. Studies of Monitoring, Bonuses, and JSA for UI Claimants

Over the lag two decadsthere have beena moded number of experimerts desgned to ted the
impact of services and policies that fall under the preview of SESA. As discussed above when we
surveyed the method of instrumertal variades none of these experiments evaluate the impact of PLX
sernviceson Ul berefit receipts, weelks of unemploymert or earnings. But several of them evaluate the
impact of ESOsrole in monitoring workerDjob seach ard in providing job searchassistarce. In this

sectiion we summarize the findings from these studies

In addition, we also discuss the reallts of the Unemploymert Insurance Bonus experimerts

conductedin Illinois, Pemsylvarnia and Washington State. The rationale underlying these demonstrations
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differed from the rationale underlying the monitoring studies In the monitoring studies the treamert
mace unemploymert less valuabe to job seelers In the bonus experimerts, policy makers atemped to
induce more productive job search by making employmert more valuabe. Since what maters for
incertivesto engace in productive job searchis the relative expecied value of unemdoymen compared
with emdoyment, this distinction betweenthe monitoring and the bonus demanstration is less meanngful
thanfirst appears Therefae, we cover the effects of the bonus studiesin the samecontext asour survey
of experimertal evaluations of ES services

As shown by Tabe 6, these ES-type senvicesusually leadto moded reductions in Ul berefits
receved and more importartly leadto moded increagsin quarterly and amual earrings. Genrerally, the
earnngs gains amount to a few hundred dollars But as seenin the tabde in some casesthes services
appearto gererak no gain for state budgets or for individual earrings. The study by Decker et al. (2000)
finds that structured job searchassistanceis very effective in Washington D.C. but ineffective in Florida.
This evidernce should make policy makerscautious about extending the reaults of evaluations in one state
to other states without at the very leas a carefu assesmert of how the services being studied are
implemerted in different locaions and how the effeds of these services depend on local labor market
conditions. (This variahility in the effectof seemingly similar treaments acrass sitesis found in studiesof
the California GAIN program, which was targeted to AFDC applicarts and recipients (see Tale 9).
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